
Tuning the tuner: the art of automatic performance
optimization
Willemsen, F.Q.

Citation
Willemsen, F. Q. (2026, April 14). Tuning the tuner: the art of automatic
performance optimization. Retrieved from
https://hdl.handle.net/1887/4301430
 
Version: Publisher's Version

License:
Licence agreement concerning inclusion of doctoral
thesis in the Institutional Repository of the University
of Leiden

Downloaded from: https://hdl.handle.net/1887/4301430
 
Note: To cite this publication please use the final published version (if
applicable).

https://hdl.handle.net/1887/license:5
https://hdl.handle.net/1887/license:5
https://hdl.handle.net/1887/license:5
https://hdl.handle.net/1887/4301430


Tuning the Tuner:
The Art of

Automatic Performance Optimization

Proefschrift

ter verkrijging van
de graad van doctor aan de Universiteit Leiden,

op gezag van rector magnificus prof.dr. S. de Rijcke,
volgens besluit van het college voor promoties

te verdedigen op dinsdag 14 april 2026
klokke 14:30 uur

door

Floris-Jan Quirinus Willemsen
geboren te Middelharnis, Nederland

in 1997



Promotor: Prof. dr. R.V. van Nieuwpoort
Co-promotor: Dr. B. van Werkhoven
Promotiecommissie: Prof. dr. T.H.W. Bäck

Prof. dr. M.M. Bonsangue
Prof. dr. A. Plaat
Prof. dr. A.D. Pimentel Universiteit van Amsterdam
Prof. dr. ir. A.L. Varbanescu Universiteit Twente
Prof. dr. R. Vuduc Georgia Institute of Technology

Advanced School for Computing and Imaging

Printed by: Optima Grafische Communicatie

Copyright © 2026 Floris-Jan Willemsen.
ISBN 978-94-6534-280-1

This dissertation is available online at https://scholarlypublications.universiteitleiden.nl/

This work was carried out in the ASCI graduate school. ASCI dissertation series number
483.

The CORTEX project has received funding from the Dutch Research Council (NWO) in the
framework of the NWA-ORC Call (file #NWA.1160.18.316).
The ESiWACE3 project has received funding from the European High Performance Comput-
ing Joint Undertaking (JU) under grant agreement No 101093054. We acknowledge the Eu-
roHPC Joint Undertaking for awarding this project access to the EuroHPC supercomputer
LUMI, hosted by CSC (Finland) and the LUMI consortium through a EuroHPC Regular Access
call..



iii

“ I want to take everything I’ve seen and thought and learned
and reduce them and relate them and refine them

until I have something of meaning, something of use. ”
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