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Refugees, Perceived Threat & Domestic Terrorism

Graig R. Klein 
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ABSTRACT
Refugees’ effect on domestic terrorism is conditioned by host-country 
social perception (attitude about living next-door to foreigners) and 
economic competition. These hypotheses are tested cross-nationally 
from 1995-2014 leveraging data from the World Values Survey. The 
results show social perception matters. When refugee flow to a coun-
try increases from the mean to 75th percentile, it does not statistically 
alter domestic terrorism risk. But when a host-country’s preference 
to not live next-door to foreigners is accounted for and changes from 
the mean (20.9%) to 75th percentile (30.3%), the change in refugee 
flow increases the risk of domestic terrorism by 40%.

Refugees are increasingly viewed as threats to national security instead of as vulnerable 
populations.1 This connection is heightened by governments’ repeated scapegoating of 
refugees following terror attacks.2 Research probing connections between refugees and 
violence or conflict has focused on “linear relationship(s)”3 of increased refugee flows 
to increased political violence, but newer research shows there are important condi-
tioning factors – such as state capacity – disrupting a linear process.4 This article 
contributes to the growing focus on non-linear processes by analyzing how refugees’ 
effect on political violence in the host-country is conditioned by host-countries’ atti-
tudes about living near foreigners and job market conditions. These two important 
societal conditions can lead to an increased number of refugees in the host-country 
being perceived as a threat and competition, which sometimes culminates in violence. 
The argument is tested on a specific type of political violence – domestic terrorism.

Focusing on domestic terrorism presents a fascinating puzzle to analyze because 
refugees themselves cannot commit domestic terror attacks as their nationality differs 
from the host-country and its population; therefore, any effect refugees have on domes-
tic terrorism, and likely all forms of domestic political violence, must be through a 
conditioning relationship measuring host-country nationals’ perceptions of threat and 
competition.

Conditioning factors are expected to increase the likelihood of domestic terrorism 
because some domestic political forces – parties, non-state actors, and ideologues – 
cater in painting foreigners, in this case refugees, as threats to national identity. These 
perceived threats have had significant influence on recent elections in western countries 
and therefore the examples in the article are restricted to Europe and the United 
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States, though these motivators of violence are common in other regions.5 For example, 
some European far-right parties –Fidesz in Hungary and Party for Freedom (PVV) in 
the Netherlands – and U.S. far-right ideology depict foreigners as threats to Euro-centric 
ethno-nationalism and challenges to traditional societal structures.6 As a consequence 
of this rhetoric, towns like Garden City, Kansas, a melting pot of refugees and non-
white immigrants for decades, became the target of a white-nationalist militia ter-
ror plot.7

The remainder of the article begins with working definitions of refugees and domestic 
terrorism. It then reviews literature analyzing relationships between refugees and polit-
ical violence in host countries. I then argue that the effect of refugees on domestic 
terrorism is conditioned by perceived threat in the host-country, which is operation-
alized along two dimensions: social perception and economic competition. The resulting 
hypotheses are tested cross-nationally from 1995-2014 leveraging longitudinal data 
from the World Values Survey (WVS) to measure social perception.8 The results pro-
vide empirical evidence that the combination of refugee flows and host-countries’ 
social perception increases the risk of domestic terrorism, but economic competition 
does not statistically impact the risk of domestic terrorism. The article concludes with 
implications for future research. In sum, when refugees enter host-countries where 
society’s “acceptance” of foreigners is low, increases in refugee populations result in a 
heightened risk of domestic terrorism.

The findings supplement others’ research on processes by which refugees can trans-
mit violence across borders, by orienting the analytical lens to domestic political 
violence. With regard to domestic terrorism, the focus of this study, social perception 
as measured by host-country nationals’ preference to not have foreigners for neighbors 
is shown to be a critical determinant of the effect refugees have on domestic terrorism. 
Refugees themselves do not increase the risk of domestic terrorism, rather the xeno-
phobic or nativist environment refugees enter defines the tinderbox of violence refugee 
flows can ignite.

Defining Refugees

Under international law a refugee is a person who credibly fears “being persecuted for 
reasons of race, religion, nationality, membership of a particular social group, or political 
opinion, is outside the country of his nationality, and is unable to or, owing to such 
fear, is unwilling to avail himself of the protection of that country.”9 Over time, some 
have argued that flight from economic, food, and climate insecurity or natural disasters 
should be included as legitimate reasons for seeking refuge and thus for many relief 
agencies and analysts, the definition of refugee has broadened and is articulated as 
forced migrant.10 Yet, the term refugee is often accompanied by stereotypes of destitute, 
poor, and the “other,” making their threat to in-groups and national identity particularly 
poignant,11 but also making them seem most deserving of help and sanctuary.12

Political and media rhetoric have increasingly framed refugees as a threat, rather 
than deserving of help by connecting refugees, criminal activity, and terrorism.13 The 
recent airlift of Afghan refugees following the Taliban’s take-over bluntly highlights 
the political rhetoric connecting refugees to threat and terror risk as U.S. politicians 
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criticize the military withdrawal while also rebutting hosting refugees in their home 
states because of inconsistent vetting, processing, and fears they could be linked to 
militant or terror threats. These connections between refugees and perception are a 
critical mechanism linking refugees to an increased risk of terrorism. I apply the 
traditional definition of refugee and use UNHCR’s measure of refugees under UNHCR’s 
mandate to capture this specific demographic that has been painted as a threat.

Refugees traditionally flee to neighboring countries.14 Yet, in the ever-increasing 
inter-connected world, refugees access host-countries beyond bordering countries. 
Historically, refugees were often contained within conflict regions and isolated in 
host-countries, but now refugees find themselves less isolated and able to maintain 
social networks in their home-countries.15 The critical theoretical and analytical role 
of geography and shared borders for studying the impact of refugees on violence16 
may be changing as refugees can flee further.

Defining Domestic Terrorism

Many definitions of terrorism exist and are applied in research. For the purposes of 
this article, terrorism is defined using the Global Terrorism Database’s (GTD) defini-
tion: “the threatened or actual use of illegal force and violence by a non-state actor 
to attain a political, economic, religious, or social goal through fear, coercion, or 
intimidation.”17

This study specifically focuses on domestic terrorism aligning with an increasing 
trend in terrorism studies to place domestic terrorism at the center of empirical 
studies because, in part, it is more common than often studied trans-national ter-
rorism.18 Domestic terror attacks are denoted by commonalities between the nation-
ality of perpetrator(s) and location of the attack, the nationality of the perpetrator(s) 
and the target(s) or victim(s), or the location of the attack and the target(s) or 
victim(s). If any of these three paired attributes are the same, the attack is domestic.19 
This means domestic terrorism is not violence perpetrated by refugees as they are 
a different nationality of the attack location, target, or victims. By focusing on 
domestic terrorism, any growth in the rate of violence can be attributed to national 
actors and not directly to refugees who are framed as the source of terror threat 
and violence.

The effect of refugees on domestic terrorism is likely to reflect reactionary or 
right-wing violence, but it can also capture violence perpetrated by supporters of 
refugees or pro-migrant/immigrant policies against nativist symbols, activists, or state 
institutions in anti-integration or anti-refugee countries. In other words, analyzing 
domestic terrorism captures the effects of refugee flow on both nationalist/nativist 
reactionary violence and anti-nativist violence.

Analyzing all domestic terror attacks avoids restricting the findings to right-wing 
violence and potential pitfalls and bias of placing all the blame of increased terrorism 
on right-wing groups. Although the combined effect of refugee flows and social per-
ception or economic competition is expected to more likely impact nativist/right-wing 
violence than other ideological motivations, a more encompassing whole-of-domestic 
terrorism analysis is applied. Further discussion of the implications of ideology are 
confined to the Discussion section.
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Refugees & Political Violence

Extent scholarship finds positive correlations between refugee populations and increased 
risk of violence in the host-country. While the causal mechanisms differ, they largely 
build from the proximity of social, demographic, rebel and resource networks that 
cross international borders from conflict zones. Stockpiles of resources and humani-
tarian supplies that often accompany refugee flows and camps can increase the risk 
of cross-border raids as conflict actors exploit and loot them.20 Critical to these findings 
is the geographic closeness of refugees to their home-country because it makes main-
taining and using ethnic kin and networks far easier for conflict actors.21 Ethnic ties 
in the host-country can also lead to violence as they risk upsetting the balance of 
power among the host populace.22

The effect of ethnic ties and heightened ethnic tensions or apprehension in the 
host-country are more likely to explode into armed conflict between non-state actor 
groups than generate civil war because the grievances are at the community level 
rather than against the government.23 But this heightened risk of non-state actor armed 
conflict only occurs in low-capacity countries where the government is unable to 
mitigate the perceived threat or competition.24 While this adds important nuance to 
the scholarship, the measurement of non-state armed conflict pivots on the violence 
occurring between “two organized armed groups, neither of which is the government 
of a state” and “results in at least 25 battle-related deaths in a year.”25 These definitional 
boundaries prevent making conclusions about the effects of refugees on other forms 
of political violence, such as terrorism where the violence targets civilians and does 
not necessarily result in death.

Refugees & Terrorism

Research on connections between refugees and terrorism builds from similar mecha-
nisms of refugees spreading conflict. In addition, congregating refugees in camps creates 
opportunities for radicalization and recruitment and the spread of violence into 
host-countries.26 The risks of radicalization and terrorism originating in refugee camps 
are heightened if divisions in the camps emerge along sectarian lines.27 But empirical, 
in particular, large-N cross national analyses, have struggled to find a consistent rela-
tionship between refugees and terrorism. Choi and Salehyan (2013) find that countries 
with larger refugee population experience more terror attacks and higher casualties, 
whereas Eybergen and Andresen (2020) find no effect on the frequency of terrorism, 
but that the size of displaced populations increases casualty levels. Milton et  al. (2013) 
find that as the number of refugees from country A increases in country B, so too 
does the frequency of trans-national terrorism by people from country A inside country 
B. Others find no statistical relationships.28

The mixed evidence could be the result of the geographic proximity between home 
and host countries being less important for terrorism because terrorism requires only 
one individual instead of a network of fighters like armed conflict. The increasingly 
apparent geographic spread of refugee flows, for example, Syrians’ flight to Europe or 
Afghans airlifted to Qatar, Germany, and the U.S., highlight the changing centrality 
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of geographically proximate networks in the correlation between refugees and political 
violence. We can theorize how ties and networks between Somali refugees in Ethiopia 
and Somali militants in Somalia can increase the risk of civil war in Ethiopia, but 
Somali refugees are likely to have no direct effect on the risk of civil war in the U.S.29 
Somali refugees, and their progeny, though, can impact the U.S.’s terror risk by pledging 
support or joining foreign terror groups, which some have done.30

Such concerns have led to the securitization of migration and border control policies 
intended to reduce terror risk although relevant analyses routinely cannot confirm a 
direct link between migration and terrorism.31 This perceived threat has led some to 
fear refugee “militarization” and “weaponization” by a variety of actors before and 
during migration.32 The Islamic State heightened fears of refugee “weaponization” when 
coordinating the Paris attacks in November 2015 as at least one perpetrator carried a 
falsified Syrian passport.33 Such “weaponization” claims extend beyond ISIS (or Islamist 
terrorism) as seen in former NATO Supreme Allied Commander Europe General 
Breedlove’s warning that Russia was “weaponizing” refugees against Europe.34

A growing body of research focuses on a “refugee as victim” framework whereby 
the increase in terrorism results from violence taken against refugees or supportive 
state institutions.35 Others have shifted the burden of explanation from population 
movement to the conditions refugees enter. In general, when there are preexisting 
tensions between foreigners and native-born populations the risk of terrorism is 
expected to be higher.36 When tensions are institutionalized by laws that make inte-
gration harder for refugees, the frequency of trans-national terrorism increases.37 And 
when marginalized in their host-country, refugees become the target of state violence 
and repression when security crises or threats present regardless of whether the ref-
ugees, or their co-nationals abroad, are the actual source of threat.38The importance 
of population movement on the spread of conflict risk has led to an over-emphasis 
on studying trans-national terrorism. As such, research suffers from the inherent 
assumption that either refugees commit terror attacks, aid foreign actors’ attacks on/
in host-countries, or are the target/victims of attacks.

An exclusive analysis of domestic terrorism, as conducted in this article, is a critical 
missing piece for unlocking the refugee-terrorism nexus as state institutions and domestic 
populations advocating for or supporting refugees and/or refugees’ co-ethnic host-country 
nationals, or other supportive populations could be the target of violence. This height-
ened risk of nativist violence targeting the state in response to perceived demographic 
changes was clearly observed in the 2011 Utøya Norway terror attack. The perpetrator 
– Anders Behring Breivik – portrayed himself as a protector of Norwegian ethnic 
identity and national security fighting against foreigner criminality, competition, welfare 
abuse, and an Islamic take-over, but “protected” Norway by bombing the Prime Minister 
and murdering 69 people, mostly children, at the Workers’ Youth League summer camp 
and not directly attacking refugees or his perceived threatening immigrant.39

Those who have analyzed the impact of refugees on domestic-level violence empha-
size the importance of socio-political conditions in the host-country. Greater disparities 
in ethnic power politics between refugees’ co-ethnics and other groups in a host-county 
are an important confounding factor to how refugees’ impact domestic tensions; if 
refugee flows impact – whether real or perceived – preexisting political inequalities, 
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instability is expected to follow and thus the risk of violence increases.40 Opposite 
conditions, like integrative policies and provision of livelihood resources are important 
tools for mitigating potential threat of violence stimulated by refugee flows.41

While important in shifting research attention to domestic political violence, these 
studies focus on the effect of formal or institutionalized conditions in the host-country 
and do not directly examine the impact of informal conditions such as social percep-
tion of foreigners on the refugee-terrorism nexus. This is a critical missing piece 
because social perceptions construct the environment refugees enter. Like state capacity 
mitigating refugees’ impact on non-state actor armed conflict,42 social perceptions 
could heighten or dampen perceived threats to security and resources and thus impact 
domestic terrorism in host-countries.

Conditioning Effect of Social Perception

Refugees are perceived as threatening to the ethno-nationalist identity, potentially 
having the impact to alter a country’s ethnic or religious profile.43 They may increase 
concern for safety44 and prompt fear of job or welfare benefits competition.45 Describing 
refugees as deceptive and violent to manipulate fear, ethno-nationalist sentiment, and 
scapegoating for domestic societal problems46 is seen throughout history and is geo-
graphically agnostic.

For example, in the 1890s, the influx of Eastern European Jewish refugees to London 
coupled with the rise of anarchism in the city led to a confluence of perceived threat 
and fear of refugees.47 Populist rhetoric propelled the debate over migration control 
as protecting national security.48 The Great Migration in the 1920s-1930s spurred a 
similar dynamic in the United States; Ku Klux Klan (KKK) membership skyrocketed 
outside the South in response to changing racial demographics and employment com-
petition.49 By the 1970s support for far-right and anti-immigrant extremism had grown 
in Europe as a result of the demographic changes caused by post-WWII labor migra-
tion.50 In the U.S., the immigration debate in the 2000s spurred membership in far-right 
militant groups and the KKK.51

Cross-national empirical verification, or rejection, of populist suspicion and fear 
of refugees’ terrorism and threat to national security remains relatively scarce.52 Case 
studies suggest that perceived threat is exaggerated.53 Since 1975, in the U.S., the 
risk of dying in a terror attack by a refugee is 1 in 3.64 billion per year.54 And, 
only five of the 800,000 refugees vetted through the resettlement program in the 
United States between 2001 and 2016 were later arrested on terrorism charges.55 In 
Germany 600,000 Iraqis and Syrians arrived in 2015, 17 have been investigated for 
terrorism.56

Although the evidence tends not to support the rhetoric, a survey of 10 European 
countries,57 shows the majority (52% to 76%) of respondents in eight countries58 think 
refugees increase the likelihood of terrorism in their country and 50% of respondents 
believe refugees are a burden due to job and social benefit competition.59 This per-
ceived threat to national security, social welfare, and economic security can evoke the 
preponderance of xenophobic, non-compromising, and even violent narratives, which 
influence political preferences and behavior.60
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When the presence or growth of refugees becomes a politically salient issue, even 
though the debate over refugee policies focuses on the threat from outside, there is a 
credible threat for domestic terrorism. Fear mongering and nativist rhetoric could 
encourage some to protect their interests through terrorism.

A common complaint from host-communities is that refugees increase competition 
for, and consumption of, resources ranging from employment to land to welfare ben-
efits.61 Sometimes this competition is perceived, and sometimes it is real. Regardless 
of the factual evidence, it can breed frustration, hate and scapegoating which can 
manifest in violence and terror attacks. Terrorism and political violence can be “com-
petitive backlash” against gains made by out-groups.62 Individuals feeling victimized 
by economic conditions and searching for short-term problem-solving solutions some-
times express outrage through membership in violent or extremist hate groups.63 This 
is not restricted to majority group vs. refugee violence. Other out-groups or minority 
communities in a host-country may perceive threat from refugees diluting their stran-
glehold on minority status or upsetting the status-quo distribution of identity politics.64

Perceived threat is an important predictor of prejudice, hostility, and political xeno-
phobia.65 While rapid growth refugee communities are likely necessary to stimulate 
widespread frustration and competition that mobilizes collective action, any competition, 
real or perceived, generated by the growth or presence of refugees, risks increasing 
the terror threat because terrorism does not rely on mass mobilized collective action. 
Threatened individuals or communities may lash out against refugee populations, 
supportive public or private institutions, or pro-refugee citizens. The combination of 
a large refugee population and negative social perceptions leads some host-community 
members to terrorism. When apprehension about “the other” is heightened and there 
is a large distinguishable out-group, animosity toward the out-group sometimes explodes 
in violence.
Hypothesis 1: The larger the refugee population when there are negative social 
perceptions of foreigners, domestic terrorism in a host-country is more likely.
Hypothesis 2: The larger the refugee population when there are negative social 
perceptions of foreigners, the frequency of domestic terrorism in a host-country 
increases.

The intensity of perceived threat is expected to heighten when there are significant 
negative economic changes in host-countries. Violent behavior and activities increase 
in the wake of negative economic changes, in particular, xenophobic and racial moti-
vated violence increases in communities affected by high unemployment and widespread 
layoffs.66 Some recently unemployed individuals turn to nativists and xenophobic groups 
that preach blame on an out-group as a method for immediate gratification of dis-
placing grief, fault, or channeling anger. Membership in these types of groups often 
quickly increases in the wake of increasing unemployment and decreases almost as 
rapidly because the gratification is not met or because extreme violence was only a 
successful short-term problem-solving tool.67 While membership does not guarantee 
kinetic violence, it increases the support network for violent outbursts of frustration 
and hate. When there are negative changes to socio-economic conditions and a refugee 
population to blame, threat narratives are easier to propagate, which increases the risk 
of terrorism in host-countries.
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Hypothesis 3: The larger the refugee population when there are negative chang-
es to economic conditions, domestic terrorism in a host-country is more likely.
Hypothesis 4: The larger the refugee population when there are negative chang-
es to economic conditions, the frequency of domestic terrorism in a host-coun-
try increases.

The effect of refugee flows on domestic terrorism may be conditioned by the 
socio-economic conditions in host-countries. Hostile environment in host-countries, 
as measured by changes in unemployment rate and preference for foreigners as neigh-
bors, frames the perceived threat generated by refugees and thus results in an increase 
in domestic terrorism.

Research Design

The hypotheses are tested using domestic terror attack data from GTD,68 refugee 
population data from the United Nations High Commissioner for Refugees (UNHCR),69 
survey data from WVS,70 and unemployment data from the World Bank.71 The four 
datasets share a temporal domain from 1990-2014, but because of documented incon-
sistencies in GTD’s 1993 data and changes in WVS wave 2 (1990-1994) and waves 
3-6 (1995-2014), the hypotheses are tested from 1995-2014. GTD event data are 
aggregated to a host-country-year unit of analysis to test how the size of the refugee 
population, negative changes to economic conditions, and host countries’ social per-
ception of foreign out-groups impact domestic terrorism in host-countries.

Dependent Variables & Estimation Techniques
The study measures domestic terrorism using GTD’s variable INT_ANY to distinguish 
domestic terrorism from other types of terrorism. INT_ANY uses information on the 
target, location and perpetrator(s), which aligns with the definition of domestic ter-
rorism introduced earlier in the article, to distinguish trans-national and domestic 
terror attacks.72 GTD records 83,858 terror attacks from 1995-2014. INT_ANY creates 
a sample of 21,340 domestic terror attacks, approximately 25.5% of all terror attacks 
during the timeframe. By comparison there are 11,286 trans-national attacks and 51,232 
unknown attacks because at least one of the dimensions is unknown.73 I aggregate the 
event data into country-year measures of the number of domestic terror attacks per 
country-year, which range from 0 to 884.74 Table 1 illustrates the distribution of 
domestic terror attacks per country-year.

I operationalize domestic terrorism two ways. First, Domestic Terror Attack is a 
binary measure equal to 0 if there were no attacks in a country-year and equal to 1 
if there was at least one attack. Domestic Terror Attack has a mean of 0.213. Using 
logit regression models with robust standard errors clustered by host-country, the 
binary operationalization tests H1 (social perception) and H3 (economic competition) 
on the likelihood of domestic terrorism in host-countries.

Second, Domestic Terror Frequency is an event count measure of the number of 
domestic terror attacks per country-year. Domestic Terror Frequency ranges from 0-884 
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with a mean of 6.34 and has a skewed distribution, where the conditional variance is 
greater than the conditional mean. Negative binomial regression models (NBREG) with 
robust standard errors clustered by host-country are used to test H2 (social perception) 
and H4 (economic competition).75 The estimation technique accounts for spatial and 
temporal independence between terror attacks.76 It also is a standard analysis in ter-
rorism studies.77

Independent Variables
The hypotheses are tested using interactive independent variables. All hypotheses share 
the constituent variable Refugee Population, which is a count of the refugee population 
per host-country-year based on UNHCR data.78 Similar to others’ research, to correct 
the positive skew of the counts, I add 1 and take the natural log.79

To test H1 and H2 (social perception) the second constituent term in the interaction 
is Neighbors measures host-country social perception of foreigners. Neighbors is con-
structed using waves 3-6 of WVS.80 Respondents were asked: “On this list are various 
groups of people. Could you please sort out any that you would not like to have as 
neighbors?” Respondents could select immigrants/foreign workers with responses recorded 
as either Not Mentioned or Mentioned. Using this binary coding, if immigrants or 
immigrants/foreign workers was sorted as a group not wanted as a neighbor, WVS coded 
the respondent as 1, otherwise it is coded as 0. To calculate Neighbors, I aggregate the 
individual responses to generate the mean value per survey-wave and multiply it by 100 
to proxy the percentage of country population adverse to having foreign neighbors.

Restricting responses to the year the fieldwork was conducted results in 190 
country-years of Neighbors responses. To alleviate this analytical restriction, if a country 
was included in a wave, I extend the average response per country-year during that 
wave. If a country was surveyed after the first year of a wave, the responses were 
backdated to the beginning of the wave. This results in 787 country-years of Neighbors 
responses and assumes consistency in preferences within the waves, but improves 
empirical power in an imperfect data world. Neighbors ranges from 17-67.13 with a 
median of 18.45; higher values correspond to host-country-years where a higher rate 
of respondents opposed immigrants or foreign workers for neighbors. Higher values 
of Neighbors indicate more negative social perception.

To test H3 and H4 (economic competition) the second constituent term in the 
interaction is Unemployment Rate Change to measure negative changes in economic 
conditions. Unemployment Rate Change measures the difference in unemployment rate 
at time t from time t-1.81 Positive values of Unemployment Rate Change correspond 
to a worsening, or more competitive, job market.

Table 1. distribution of domestic terror attacks per country-year, 1995-2014.
frequency Percent Cumulative Percent

0 Attacks 2650 78.73 78.73
1 Attack 180 5.35 84.08
2 Attacks 91 2.70 86.78
3 Attacks 47 1.40 88.18
4 Attacks 44 1.31 89.48
5 Attacks 37 1.10 90.58
>5 Attacks 317 9.42 100.00
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The multiplicative interaction Refugee Population * Neighbors tests the combined 
effect of refugees and social perception [H1 and H2]. Refugee Population * Unemployment 
Rate Change tests the effect of refugees and economic competition [H3 and H4].

Control Variables
A battery of control variables – Democracy, GDP per Capita, Total Population, State 
Failure, and State Capacity – are included accounting for alternative determinants of 
terrorism.82 I add a September 11 marker and a Youth Bulge variable.

Democracy plays an integral role in terrorism. The precise mechanism is unclear. 
Some research finds democracy to have a positive effect, while other research reports 
a negative effect.83 I recode Polity’s 21-point scale to range from 0 to 20 to simplify 
interpretation; democracies are represented by higher values. GDP per Capita [natural 
log]84 measures a country’s level of economic development, which is shown to impact 
the rate of terrorism.85 A country’s population also plays a role. Total Population 
[natural log]86 is included because larger populations are harder to secure, provide 
more targets and thus greater opportunity to attack, and larger populations may contain 
more terrorists.

If a government is struggling to maintain authority, then there may be lapses in 
security that provide opportunities for terror attacks.87 State Failure is a scale ranging 
from 0-17 combining the Political Instability Task Force’s measures of the severity of 
ethnic war (0-4), revolutionary war (0-4), adverse regime change (0-4), and genocides 
and politicides (0-5).88 Changes in the rate of terrorism could result from political 
unrest or conflict in a country.89 If there is a mobilized opposition movement that 
engages in terrorism, then changes in the frequency of attacks could be the result of 
the conflict rather than refugee related.

State capacity could mitigate the effect of social perception and economic compe-
tition. Strong administrative capabilities function as conduits for the distribution of 
resources and public goods, information, security, and other services that can counter 
xenophobic narratives, resources competition, and perceived threat.90 To account for 
this possible dampening effect, State Capacity is included using Böhmelt et  al.’s (2019) 
interpolated measure of perceptions of government effectiveness and bureaucratic. 
Although State Capacity can condition the likelihood and veracity of state failure, both 
variables are included having a correlation of −0.24.91

September 11th was a watershed in terrorism and counterterrorism; September 11 
is set to equal 1 after 2001 and coded 0 otherwise. Youth Bulge, is the ratio of the 
15-24 years olds to the adult population and accounts for youth being more likely to 
participate in violence against the political system because they have the most to gain 
from change and upheaval of the status quo.92

In the logit regression models temporal dependence in the rate and likelihood of 
domestic terrorism is accounted for with a cubic polynomial of time, No Attack Years, 
No Attack Years Squared and No Attack Years Cubed.93 The cubic polynomials function 
like time-period fixed effects and provide a more nuanced modeling of the influence 
of temporal dependence than a one-time period lagged binary dependent variable.94 
In the NBREG models, a one-year lag of the dependent variable – Domestic Terror 
Frequency(t-1) – and a binary measure indicating any domestic terrorism recorded the 
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year before – Terror History (equal to 1 is there was at least one domestic terror attack 
the year prior) – are included to account for temporal dependence. The two variables 
are correlated at 0.34. Descriptive statistics for all variables are in Appendix Table A1.

Results

Refugee flows alone do not cause an increase in domestic terrorism in host-countries. 
Social perception matters and conditions the effect refugees have on domestic terrorism. 
Preference to not have foreigners as neighbors helps define the combustible environ-
ment refugees enter. When refugee flows into a host-country increase, the larger the 
host-country’s population with negative social perceptions of foreigners is, the greater 
the likelihood of domestic terrorism. The results support H1.

This should not be surprising, but nonetheless it adds important nuance as much 
of the politicized debate surrounding refugees paints the refugee as the terror threat 
and does not acknowledge a country’s nationals as a domestic terror threat.

Important to note, the combined effect of refugees and social perception only 
increases the predicted probability a domestic terror attack occurs. It does not have 
a statistically significant effect on the frequency of domestic terrorism. H2 is rejected.

The presence of refugees under the shadow of economic decline or competition 
does not appear to significantly shape the threat of domestic terrorism. The theorized 
combined effect of negative economic changes and the size of the refugee population 
does not produce statistically significant effects and thus, H3 and H4 are rejected.

The results are presented through a series of models. Table 2 contains baseline 
models where only refugee flow is tested. The results of testing the conditioning effects 
of social perception and economic competition on the likelihood of domestic terrorism 
(H1 and H3) are presented in Table 3 and on the frequency of domestic terrorism 
(H2 and H4) are presented in Table 4. Because the hypotheses are tested through an 
interaction term, the results cannot be directly evaluated and require marginal effect 
estimates to be applied. Figure 1 visualizes the statistically significant marginal effect 
of refugees and social perception on the predicted probability of domestic terror-
ism (H1).

In Table 2 refugees have no statistical effect on the likelihood or frequency of 
domestic terrorism, but only considering the independent effect refugees have on 
domestic terrorism is an incomplete lens. Focusing causal explanatory power or analysis 
only on the size of the refugee flow into the host-country misses the conditioning 
effect of negative social perceptions on the risk of domestic terrorism, as shown in 
Table 3.

It is evident from Table 3 that the environment refugees enter conditions the effect 
they have on domestic terrorism. The combination of refugee flows and social per-
ception (measured as host-country preference to not have foreigners as neighbors), 
increases the risk of domestic terrorism. To accurately interpret the effect, which is 
measured through an interaction term, marginal effects are calculated from Models 4 
and 6 and visualized in Figure 1. The interaction term exerts a statistically significant, 
but substantively small, positive effect on the likelihood of domestic terrorism. It does 
not have a statistically significant effect on the frequency.
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Table 2. effect of refugee flow on domestic terrorism in host-countries, 1995-2014.
logit nBreG

model 1 model 2

refugee Population [ln] .000 (.034) .044 (.038)
democracy .051*** (.016) .028 (.024)
GdP per Capita [ln] .241* (.107) .015 (.128)
total Population [ln] .484*** (.080) .498*** (.081)
State failure .373*** (.112) .371*** (.089)
September 11 .385* (.182) -.005 (.173)
Youth Bulge .038* (.018) .016 (.016)
State Capacity -.224 (.177) .003 (.174)
no Attack Years −1.07*** (.120)
no Attack Years Squared .094*** (.019)
no Attack Years Cubed -.003*** (.001)
domestic terror frequency(t-1) .019*** (.004)
terror History 2.76*** (.246)

Constant −9.01*** (1.61) −8.08*** (1.83)

n 2672 2569

Wald X2

(Prob. > X2)
387.39 (0.0000) 456.52 (0.0000)

log Pseudolikelihood −775.95 −2713.29
ln alpha 1.21 (.124)
Country Clusters 152 152

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.

Table 3. effect of refugees & social perception on domestic terrorism in host-country, 1995-2014.
logit nBreG

model 3 model 4 model 5 model 6

refugee Population [ln] .076 (.056) -.118 (.107) .021 (.058) -.124 (.105)
neighbors .012 (.011) -.066* (.034) .010 (.011) -.050 (.035)
refugees * neighbors .008** (.003) .006* (.004)
democracy .030 (.032) .021 (.035) -.020 (.031) .030 (.033)
GdP per Capita [ln] .398* (.191) .422* (.205) .193 (.183) .229 (.194)
total Population [ln] .310** (.107) .380*** (.121) .309** (.110) .336** (.119)
State failure .833** (.342) .796* (.355) .806*** (.166) .788*** (.162)
September 11 -.293 (.315) -.421 (.317) -.299 (.234) -.371 (.231)
Youth Bulge .070** (.026) .070** (.028) .025 (.023) .027 (.024)
State Capacity -.295 (.276) -.190 (.296) -.171 (.210) -.134 (.210)
no Attack Years -.736*** (.186) -.705*** (.185)
no Attack Years Squared .052* (.031) .047 (.031)
no Attack Years Cubed -.01 (.001) -.001 (.001)
domestic terror frequency(t-1) .017*** (.005) .015*** (.005)
terror History 1.87*** (.277) 1.83*** (.273)

Constant −10.22*** (2.30) −9.14*** (2.42) −6.77** (2.82) −5.84** (2.77)

n 722 722 700 700

Wald X2

(Prob. > X2)
174.38 (0.0000) 161.67 (0.0000) 274.92 (0.0000) 303.55 (0.0000)

log Pseudolikelihood −250.40 −247.25 −1016.59 −1013.63
ln alpha 0.955 (.188) 0.931 (.192)
Country Clusters 84 84 84 84

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.
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As seen from the marginal effects plots, social perception plays a significant role 
on a host country’s risk of domestic terrorism. In host-countries that prefer to not 
have foreign neighbors, the predicted probability of domestic terrorism increases as 
the refugee population increases. To substantively interpret the effect, based on Model 
4, in a post-September 11th country-year, when Refugees and Neighbors are held 
constant at their mean and combined in the multiplicative interaction applied in the 
analysis, and all other variables are held constant at their means (the temporal depen-
dence variables are held constant at the values calculated based on the mean of No 
Attack Years), the predicted probability of domestic terrorism is 7.2%. When Refugee 
Population and Neighbors are both increased to the 75th percentile values (from 
approximately 6700 to 86588 refugees and 20.85 to 30.34 on the neighbor scale), the 
predicted probability of domestic terrorism increases to 10.1%, a 40.3% increase.

While the combined effect of social perception and the size of the refugee flow 
do not have a statistically significant effect on the frequency of domestic terrorism, 
the substantive effect should not be ignored. Based on Model 6, in a post-September 
11th country-year, when Refugees and Neighbors are held constant at their mean and 
combined in the multiplicative interaction, Domestic Terror Attack(t-1) and Terror 
History held constant at the median (both equal 0 translating to no domestic terror 
attacks the previous year), and all other variables held constant at the mean, the 
model predicts 0.33 domestic terror attacks per year. The predicted count increases 

Table 4. effect of refugees & economic environment on domestic terrorism in host-country, 
1995-2014.

logit nBreG

model 7 model 8 model 9 model 10

refugee Population [ln] .001 (.035) .001 (.035) .045 (.039) .043 (.039)
unemployment rate Change .039 (.056) .046 (.148) .072 (.063) .204 (.194)
refugees * unemployment -.001 (.019) -.015 (.019)
democracy .051*** (.016) .051*** (.016) .028 (.024) .028 (.024)
GdP per Capita [ln] .240* (.107) .240* (.106) .021 (.127) .017 (.127)
total Population [ln] .481*** (.081) .481*** (.080) .497*** (.081) .498*** (.081)
State failure .374*** (.112) .374*** (.112) .369*** (.089) .372*** (.089)
September 11 .387* (.184) .387* (.184) .007 (.174) .007 (.174)
Youth Bulge .038* (.018) .038* (.018) .017 (.016) .017 (.016)
State Capacity -.220 (.177) -.220 (.177) .002 (.174) .005 (.174)
no Attack Years −1.07*** (.120) −1.07*** (.120)
no Attack Years Squared .094*** (.019) .094*** (.019)
no Attack Years Cubed -.003*** (.001) -.003*** (.001)
domestic terror frequency(t-1) .020*** (.005) .020*** (.005)
terror History 2.76*** (.244) 2.76*** (.243)

Constant −8.99*** (1.61) −8.99*** (1.61) −8.19*** (1.79) −8.15*** (1.80)

n 2656 2656 2553 2553

Wald X2

(Prob. > X2)
384.55 (0.0000) 386.46 (0.0000) 493.34 (0.0000) 495.85 (0.0000)

log Pseudolikelihood −775.52 −775.52 −2711.36 −2710.94
ln alpha
Country Clusters 151 151 151 151

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.
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to 0.40, a 21.2% increase, when Refugees and Neighbors are increased to the 75th 
percentile. If there was 1 domestic terror attack in the previous year, all else calculated 
consistent with the previous predictions, then moving from the mean to 75th percentile 
of Refugees and Neighbors results in the predicted number of domestic terror attacks 
increasing from 2.11 to 2.57, a 21.8% increase.

The models cannot explicate whether the increased likelihood of domestic terrorism 
is related to ethno-nationalist or nativist violence, refugees’ co-ethnic host-country 
residents reacting to xenophobic forces, or refugee sympathizers engaging in direct 
action. The results suggest the former is the significant driver because it is the com-
bination of “un-neighborliness” and refugee populations that increases the probability 
of domestic terrorism. Future research can work to untangle the causal arrows with 
better cross-national data on domestic terror group and/or perpetrator ideology.

Changes in host-country economic conditions are also expected to influence how 
refugees effect terrorism. The results suggest that economic competition, when 
measured by unemployment rate change, does not increase domestic terrorism even 
when there is a large refugee inflow. The results in Table 4 do not support the 
expectations.

While economic decline and competition motivate nativist extremism and terrorism 
at the individual level, empirical studies do not consistently find support at the country 
level of analysis.95 The results in Table 4 confirm these previous findings. Terror groups 
may use negative changes to a country’s economic environment to recruit and mobilize 
support, but not engage in direct acts of violence in an effort to maximize their 

Figure 1. marginal effect of refugees and social perception on domestic terrorism, 95% confidence 
intervals. Panel A: Likelihood of Attack. Panel B: Number of Attacks.
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constituency through appealing to grievances without sacrificing potential blowback 
and loss of support or increasing government counter-radicalization of counterterrorism 
efforts when a country is already under economic, and therefore likely political, duress. 
Further research is warranted to untangle the micro-level causal mechanism from the 
macro-level mixed empirical evidence.

When both interactive terms are included in the models, the results are consistent, 
see Appendix Table A3. Together, the results in Tables 3 and 4, based on cross-national 
analyses, demonstrate that there is a complex web of causation connecting changes 
in refugee populations to changes in domestic terrorism. As hypothesized, social 
perception is a critical filter for how domestic terrorism in host-countries is related 
to increases in refugee populations. A complete assessment of how refugees impact 
domestic terror risk must include both the number of refugees and how host com-
munities perceive change in the demographic, socio-economic, and political environ-
ments. It is important to remember that domestic terrorism in a vast majority of 
countries is rare, so any statistically significant effect in the models is meaningful 
even if substantively small.

The WVS data used to measure social perception is only available through 2014 
resulting in the analysis ending before the politically controversial Syrian refugee exodus 
and continued migration from Africa across the Mediterranean into Europe and the 
refugee and Muslim entry ban in the U.S. The national security-oriented policies 
venerated and institutionalized nativist sentiment and bolstered political rhetoric and 
framing of refugees as security, criminal, and terror threats. As a result, the effects 
measured and identified in this analysis likely grew in substantive size. WVS is in the 
process of completing wave 7 covering 2017-2020 and has released some preliminary 
data, which allows this study to be extended in the future as complete data becomes 
available. Assessing the theorized effects of social perception and refugees on domestic 
terrorism will be particularly interesting in this period because of the notable rise in 
far-right, nativist, and anti-immigrant sentiment and violence. Unfortunately, data is 
not available for 2015 during the height of the Syrian refugee flow into Europe.

Robustness Checks

The first robustness check changes the interaction variables to contain a one-year lag 
of each constituent term because propagating threat or competition in host-countries 
may take time. The interactions become Refugees(t-1)*Neighbors(t-1) and 
Refugees(t-1)*Unemployment Rate Change(t-1). The results, Appendix Tables A4-A6, 
support the main analysis.

Second, because approximately 79% of the country-years in the sample do not record 
a domestic terror attack, I redo the analysis using rare events logit regression models 
with robust standard errors clustered by host-country. What constitutes a rare event 
is debatable and although an 21% rate of occurrence is typically outside the bounds 
necessitating a rare event specification, these models are further evidence of the 
importance of the interactive effect of refugee populations and host-country social 
perception on the likelihood of domestic terrorism and demonstrate the strength of 
the original findings. Full results are in Appendix Table A7.
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Third, because the relationship between refugees and terrorism is constructed by 
social perception, ethnic, religious, or racial differences between host and refugee 
populations could be of critical importance. Refugees’ can impact conflict if the refugee 
flow is perceived as helping their co-ethnics disrupt the status-quo ethnic balances in 
society.96 Religion is another dimension by which refugees can blend in or stand out. 
When refugees arrive in a community with a different religion, blending in may be 
challenging as refugees establish new or “foreign” religious institutions and networks. 
When religion is shared, the use of institutions and networks could either alleviate or 
perpetuate perceived threat; this shared identity is complex – it could either promote 
assimilation or may increase tensions if sharing the same networks and resources 
increase competition over goods and benefits.

And religion occupies a critical place in contemporary policy debate, which makes 
it a salient cleavage. For example, Muslim refugees are thought to be trying to Islamify 
“the West” rather than flee insecurity.97 And, millennialist extremist interpretations of 
religion, particularly Islam, are a primary motivation for terrorism since the late 1980s.98

To assess the potential for religious cleavages to heighten the effect of social per-
ception in the primary analysis, the refugee population variable is split into two 
explanatory variables – Same Religion and Different Religion. First, using the original 
UNHCR data, I establish dyadic refugee flows from Country A (home-country) to 
Country B (host-country). Second, I use the Cline Center’s Composition of Religious 
and Ethnic Groups Data99 to identify each country’s majority religion. The Cline Center 
classifies religions as Muslim, Christian, Hindu, Buddhist, Jewish, Traditional Belief, 
Non-Religious, Orthodox, or Other.100 Third, I label the dyad as same or different 
religions between Country A and Country B. For example, refugee flow from Iraq 
(Muslim) to the U.S. (Christian) would be coded as different. Whereas refugee flow 
from Mexico (Catholic) to the U.S. (Christian) would be classified as same. Fourth, I 
aggregate the respective same religion and different religion dyads by host-country 
year to generate a total count of Same Religion refugees and Different Religion refugees 
per host-country year. Identical to the main analysis, these measures are operationalized 
as the natural log after adding 1 to the base and replace the refugee population vari-
ables in the interaction terms.

To simplify the measures, branches, sects, or beliefs systems (e.g. Shi’a and Sunni) 
are categorized into their broader religious family (e.g. Islam) when classifying the 
refugee flow. While recognized that Catholicism and Christianity are quite different 
with a long and embattled history, the measure assumes these differences are perceived 
as less threatening than Muslim refugees entering a Christian or Catholic country. 
By using the home-country’s majority religion, the measure also overlooks some 
caveats such as the U.S.’s attempt to give preferential treatment to Syrian Christian 
refugees. But, as a proxy of perceived threat and apprehension, these imperfections 
in the measure are not prohibitive for analysis.

The results, summarized here (complete results in Appendix Tables A8-A10), suggest 
that religious differences between refugees and host-communities do not present a 
particularly salient threat along both social perception and economic competition 
dimensions. None of the new interaction terms produce a statistically significant effect. 
The results suggest that domestic terrorism is more influenced by the total number 
of refugees in a host-country and not how religiously different or similar the refugees 
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are to the host-country population. Perhaps this would change if data post-2014 was 
available as the securitized debate regarding refugees centered on inflows from Muslim 
countries to European countries and the U.S.

Religion is just one cleavage. It is a means for identifying differences, but it appears 
to not be the critical one, at least from 1995-2014. It may be more relevant for 
ethno-nationalist domestic terrorism because the threat from out-groups different than 
the ethnic, nationalist, or religious homogeneity of the host-country is a standard 
motivator of far-right extremist violence,101 but empirical analysis requires improved 
group identity or ideology data to test in a large-N sample.

The extent of domestic terrorism in a country could create an inverse effect where 
it influences how the populace feels about having foreigners or immigrants as neigh-
bors. If increases in domestic terrorism, violence, or crime are linked to immigrant 
or refugee communities through political rhetoric or the media, then it could frame 
threat and social perception through a different process. For example, over-reporting 
(or over-covering) Islamist terrorism in the U.S. media heightens the public’s sense of 
fear of Islamist terrorism compared to other ideological motivations.102

To parse this potential effect out from the main analysis, regression models are 
re-specified and turn the domestic terrorism dependent variables into explanatory 
variables at time t and time t-1, refugee measures are operationalized as a one-year 
lag, and the Neighbors variable becomes the dependent variable. Neighbors is treated 
as a continuous variable and OLS regressions with robust standard errors clustered by 
host-country are applied. The models test whether domestic terrorism, measured at 
either time t or time t-1, influences preferences for having foreign neighbors. The 
results in Appendix Table A11 do not indicate a statistically significant relationship 
of increased domestic terrorism leading to more antipathy to immigrant or foreign 
neighbors.

Summary statistics for the additional variables applied in the robustness checks are 
in Appendix Table A12.

Discussion

The study finds empirical evidence in a cross-national sample of countries that, the 
larger a host country’s refugee population, the more likely it is to suffer domestic 
terrorism when negative social perception is high. When host-country nationals prefer 
not to have foreigners for neighbors, increased refugee flows increase the risk of 
domestic terrorism in the host-country. Unsurprisingly, xenophobia conditions the 
effect refugee flows have on the risk of domestic terrorism. The relationship unequiv-
ocally attests to a complex web of causation rather than a simplified argument that 
increased terror threat is strictly from refugees committing terrorism. When 
host-communities are not accepting of foreigners for neighbors, an increase in the 
refugee population increases the risk of domestic terrorism. Social perception plays a 
critical role in domestic terror risk.

To pacify nativist sentiment and avoid violence, host-country governments can enact 
restrictions on refugee populations that inhibit assimilation, integration, or political 
representation.103 If restrictions and concessions appear to be in response to violence, 
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it could legitimize violence and encourage future incidents. When governments frame 
refugee policy as a national security concern, rather than a humanitarian one,104 it 
substantiates individuals with a similar mindset as Breivik and justifies acts of violence.

The results advance and clarify our understanding of domestic terrorism by showing 
that underlying or preexisting animosity toward foreigners can explode in violence 
when refugee populations grow. They also corroborate previous studies, which find 
that theorized economic motivators for ethno-nationalist terrorism are weak predictors 
of the observed frequency of attacks.105

The role of social perception in motivating domestic terrorism in response to 
increased refugee flows underscores the importance political rhetoric can have in cre-
ating, magnifying, and tempering fear and perceived threat. If nativist rhetoric or policies 
regarding refugees provoke violence, the increased violence could be framed by these 
same voices as refugees’ fault and threats to national security, which in turn, could 
motivate additional violence. In short, nativists rhetoric and policies could create a 
violent feedback loop resulting in steadily increasing levels of violence and terrorism. 
Governments therefore have a vested interest in shifting the framing and discussion of 
refugees away from securitization narratives and toward vulnerable populations and 
human suffering narratives.

This cross-national empirical analysis suggests that while large refugee populations 
can pose a terrorism threat to host-countries, and potentially the global community, 
the destabilizing effects are multi-faceted and further complicated by the fact that 
there is too often a binary political perspective on how we perceive refugee popula-
tions. Political rhetoric and perceived threat too often frame refugees as the threat for 
increased terror and ignores the increased risk of domestic terrorism perpetrated by 
host-country nationals in response to refugee inflows. As Byman aptly summarizes, 
“Concerns about terrorism and the refugees are legitimate, but the fears being voiced 
are usually exaggerated and the concerns raised often the wrong ones.”106
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Appendix A

Table A1. Summary Statistics.
Variable n mean Std. dev. min. max.

dependent Variables
domestic terror Attacks 3366 .213 .409 0 1
domestic terror frequency 3366 6.34 37.98 0 884
Independent Variables
refugee Population [ln] 2885 8.34 3.08 0 14.60
neighbors 787 20.97 13.79 1.7 67.13
unemployment rate Change 3188 -.040 1.34 −12 18.2
refugee * neighbors 749 185.85 156.78 0 872.69
refugee * unemployment Change 2861 -.287 11.54 −115.81 212.24
Control Variables
democracy 3243 13.36 6.50 0 20
GdP per Capita [ln] 3145 7.96 1.65 4.17 11.67
total Population [ln] 3212 9.18 1.55 5.88 14.13
State failure 3366 .458 1.34 0 16.5
September 11 3366 .650 .477 0 1
Youth Bulge 3212 39.09 10.20 17.22 56.96
domestic terrorism
no Attack Years

3366 5.80 5.71 0 19

no Attack Years Squared 3366 66.23 94.40 0 361
no Attack Years Cubed 3366 897.30 1605.05 0 6859
domestic terror Attacks(t-1) 3191 5.51 31.66 0 662
terror History 3366 .199 .399 0 1

As seen in Table 1, Domestic Terror Attacks is an event count with a skewed distri-
bution, where the conditional variance is greater than the conditional mean, and this 
over-dispersion could be the result of excess zeros. If there are excess zeros, i.e. count 
of host-country-years with no domestic terror attacks, they could be grouped into 
“certain zeros” and “non-certain zeros” by a latent process in how the zero-count is 
generated and the zero-inflation specification helps define these groupings.107 In other 
words, two distinct processes result in zero counts. For example, “non-certain zeros” 
could be a host-country-year with a large refugee population that did not have any 
domestic terrorism in a given year or a host-country-year that meets conditions cap-
tured in the control variables that increase the risk of domestic terrorism, but no 
attacks occurred that year. In these scenarios the tested, and previously established 
theories, could have resulted in an attack, but did not; and it could be random that 
no attack occurred. “Certain zeros” could occur in host-country-years because the 
conditions associated with terrorism do not exist within the country-year; these cases 
are “certain zeros” because domestic terrorism could not have occurred.

If there is an over-dispersion of zero domestic terror attack observations, account-
ing for these different processes is important and is accomplished by implementing 
zero-inflated negative binomial regression models. A zero-inflated specification 
controls for spatial and temporal independence between terror attacks and thus 
helps account for any over-dispersion of zero counts. Even though descriptive 
statistics for Domestic Terror Attacks provide evidence of a skewed distribution 
by way of the conditional variance much larger than the condition mean, 
post-estimation diagnostics using Akaike’s information criteria (AIC) and Bayesian 
information criteria (BIC) suggest that the zero counts are not a significant source 
of error or mis-estimation. The AIC and BIC for negative binomial and zero-inflated 
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negative binomial specifications are nearly identical when comparing models. Still, 
to provide further affirmative evidence of the relationship between refugees and 
social perception uncovered in the main analysis, I re-estimate the models using 
a zero-inflated specification. All models use robust standard errors clustered by 
host-country.

The inflation stage of the models includes variables that help define “certain zero” 
from “non-certain zero.” A negative coefficient in the inflation stage means that higher 
values of the variable correspond to a greater probability of an observation, i.e. a host 
country-year, not being a “certain zero.” The models employ robust standard errors 
clustered by country.

The zero-inflated negative binomial models generate estimates in the inflation and 
count stages for the likelihood of an event, i.e. a zero-count, in the inflation stage 
and for the number of events in the count stage. To help differentiate the equations 
for estimating these stages, Youth Bulge and Terror Attack Frequency(t-1) are removed 
from the count stage and only included in the inflation stage. Terror History is a 
binary indicator of whether there were any terror attacks in the host country the 
previous year; a value of 1 indicates at least one attack, and a value of 0 indicates no 
attacks. Terror History reduces path dependent influences created by including lagged 
dependent variables of a rare event in the inflation stage.
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Table A2. effect of refugees, Social Perception & economic environment on domestic terrorism in 
Host-Country, 1995-2014 (Zero-inflated negative Binomial regression).

model A1 model A2 model A3 model A4 model A5

Count Stage
refugee Population 

[ln]
-.055 (.051) -.106 (.070) -.287** (.119) -.055 (.050) -.057 (.051)

neighbors .001 (.011) -.092* (.049)
unemployment rate 

Change
-.084 (.062) .212 (.271)

refugee * neighbors .009* (.004)
refugees * 

unemployment
-.030 (.024)

democracy .045 (.037) .002 (.030) -.013 (.036) .048 (.035) .047 (.036)
GdP per Capita [ln] .093 (.117) -.015 (.160) .036 (.155) .087 (.116) .088 (.116)
total Population [ln] .407*** (.119) .291* (.142) .308* (.152) .398*** (.117) .401*** (.118)
State failure .564*** (.151) .863*** (.174) .858*** (.167) .570*** (.146) .583*** (.150)
September 11 .483 (.300) .411 (.385) .230 (.367) .449 (.292) .417 (.289)
State Capacity -.431* (.209) -.478* (.230) -.497* (.229) -.422* (.210) -.431* (.210)
terror History 2.24*** (.460) 1.87** (.640) 1.72** (.681) 2.19*** (.447) 2.20*** (.438)
Constant −5.78*** (1.42) −2.64 (2.25) -.979 (2.55) −5.63*** (1.43) −5.65*** (1.44)
Inflation Stage
democracy -.002 (.034) -.043 (.045) -.040 (.046) .000 (.033) -.001 (.033)
State failure -.197 (.126) −48.90*** 

(2.02)
−41.60*** (2.02) -.195 (.124) -.193 (.122)

September 11 .504* (.280) .768* (.448) .763 (.466) .493* (.277) .473* (.277)
Youth Bulge -.039* (.020) -.062* (.032) -.063* (.033) -.038* (.020) -.039* (.020)
State Capacity -.379* (.195) -.571* (.295) -.658* (.298) -.373* (.195) -.380* (.196)
domestic terror 

frequency(t-1)
−1.98*** (.363) −1.29** (.509) −1.38* (.645) −1.99*** (.357) −1.99*** (.355)

Constant 2.74** (1.00) 3.71** (1.42) 3.69** (1.42) 2.72** (.998) 2.75** (1.00)
n 2569 700 700 2553 2553
non-Zero obs. 559 214 214 559 559
Zero obs. 2010 486 486 1994 1994
Wald X2 (Prob. > X2) 154.15 (0.0000) 168.32 (0.0000) 143.84 (0.0000) 158.27 (0.0000) 195.27 (0.0000)
log Pseudolikelihood −2718.95 −999.96 −996.37 −2716.73 −2715.48
ln alpha .947 (.122) .662 (.192) .646 (.211) .936 (.121) .937 (.122)
Country Clusters 152 84 84 151 151
non-Zero obs. 559 214 214 559 559
Zero obs. 2010 486 486 1994 1994
Wald X2 (Prob. > X2) 154.15 (0.0000) 168.32 (0.0000) 143.84 (0.0000) 158.27 (0.0000) 195.27 (0.0000)
log Pseudolikelihood −2718.95 −999.96 −996.37 −2716.73 −2715.48
ln alpha .947 (.122) .662 (.192) .646 (.211) .936 (.121) .937 (.122)
Country Clusters 152 84 84 151 151

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.
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Table A3. effect of refugees with both Social Perception & economic environment on domestic 
terrorism in Host-Country, 1995-2014.

logit nBreG

model A6 model A7 model A8 model A9

refugee Population [ln] .075 (.056) -.115 (.107) .012 (.062) -.171 (.111)
neighbors .012 (.011) -.064* (.034) .017 (.010) -.060* (.036)
unemployment rate Change -.033 (.098) -.241 (.236) .096 (.169) .822 (.823)
refugee * neighbors .008** (.003) .007* (.004)
refugees * unemployment .025 (.032) -.080 (.074)
democracy .030 (.032) .020 (.035) -.001 (.027) -.018 (.030)
GdP per Capita [ln] .399* (.191) .427* (.204) .273 (.174) .304* (.179)
total Population [ln] .313** (.109) .372** (.126) .333** (.124) .390*** (.120)
State failure .827** (.346) .807* (.372) .856*** (.199) .866*** (.201)
September 11 -.296 (.317) -.423 (.321) -.389 (.263) -.468* (.259)
Youth Bulge .070** (.025) .071** (.027) .050* (.025) .047* (.027)
State Capacity -.299 (.279) -.189 (.294) -.200 (.220) -.202 (.233)
no Attack Years -.740*** (.190) -.705*** (.189)
no Attack Years Squared .053* (.032) .046 (.031)
no Attack Years Cubed -.001 (.001) -.001 (.001)
domestic terror frequency(t-1) .025** (.009) .021** (.007)
terror History 1.90*** (.551) 1.92*** (.475)
Constant −10.26*** (2.30) −9.17*** (2.42) −9.64*** (3.06) −8.26** (2.87)
n 722 722 700 700
Wald X2 (Prob. > X2) 177.54 (0.0000) 171.58 (0.0000) 204.42 (0.0000) 285.92 (0.0000)
log Pseudolikelihood −250.34 −246.94 −1030.94 −1024.75
ln alpha 1.10 (.202) 1.07 (.216)
Country Clusters 84 84 84 84

two-tailed significance test.
*p ≤ 0.10.
**p ≤ 0.05.
***p ≤ 0.01.
robust Std. errors Clustered by Country.

Table A4. effect of refugees(t-1) on domestic terrorism in Host-Country, 1995-2014.
logit nBreG

model A10 model A11

refugee Population(t-1) [ln] -.008 (.033) .029 (.038)
democracy .041** (.015) .028 (.024)
GdP per Capita [ln] .196* (.103) .016 (.128)
total Population [ln] .452*** (.077) .508*** (.081)
State failure .356*** (.102) .371*** (.088)
September 11 .257 (.165) -.002 (.173)
Youth Bulge .033* (.017) .017 (.016)
State Capacity -.131 (.176) .006 (.175)
no Attack Years −1.15*** (.124)
no Attack Years Squared .106*** (.020)
no Attack Years Cubed -.003*** (.001)
domestic terror frequency(t-1) .019*** (.004)
terror History 2.76*** (.247)
Constant −7.69*** (1.53) −8.07*** (1.83)
n 2555 2555
Wald X2 (Prob. > X2) 397.87 (0.0000) 454.88 (0.0000)
log Pseudolikelihood −719.92 −2710.13
ln alpha
Country Clusters 153 153

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.
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Table A5. effect of refugees(t-1) & Social Perception(t-1) on domestic terrorism(t) in Host-Country, 
1995-2014.

logit nBreG

model A12 model A13 model A14 model A15

refugee Population(t-1) [ln] .085 (.053) -.088 (.105) .022 (.058) -.093 (.095)
neighbors(t-1) .011 (.010) -.061* (.033) .010 (.010) -.039 (.034)
refugees(t-1) * neighbors(t-1) .007* (.003) .005 (.003)
democracy .015 (.029) .010 (.032) .000 (.024) -.005 (.025)
GdP per Capita [ln] .288* (.143) .300* (.150) .184 (.143) .220 (.152)
total Population [ln] .291*** (.092) .350*** (.106) .453*** (.084) .477*** (.088)
State failure .967** (.388) .943** (.402) .733*** (.158) .724*** (.156)
September 11 -.349 (.315) -.442 (.311) -.263 (.245) -.307 (.245)
Youth Bulge .046* (.020) .046* (.022) .044* (.019) .047** (.020)
State Capacity -.278 (.254) -.192 (.272) -.268 (.194) -.244 (.194)
no Attack Years -.913*** (.169) -.867*** (.168)
no Attack Years Squared .071* (.032) .063* (.032)
no Attack Years Cubed -.002 (.002) -.001 (.001)
domestic terror frequency(t-1) .015** (.006) .014** (.005)
terror History 2.10*** (.278) 2.08*** (.280)
Constant −7.82*** (1.77) −6.80*** (1.92) −9.42*** (1.87) −8.86*** (1.98)
n 673 673 673 673
Wald X2 (Prob. > X2) 172.60 (0.0000) 170.28 (0.0000) 315.19 (0.0000) 329.22 (0.0000)
log Pseudolikelihood −212.56 −210.48 −937.55 −935.67
ln alpha .833 (.158) .826 (.158)
Country Clusters 84 84 84 84

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.

Table A6. effect of refugees(t-1) & economic environment(t-1) on domestic terrorism in Host-Country, 
1995-2014.

logit nBreG

model A16 model A17 model A18 model A19

refugee Population(t-1) [ln] -.007 (.033) -.007 (.033) .031 (.039) .029 (.039)
unemployment rate Change(t-1) -.030 (.054) -.029 (.155) .031 (.046) .106 (.129)
refugees(t-1) * unemployment(t-1) -.000 (.018) -.009 (.017)
democracy .041** (.015) .041** (.015) .027 (.024) .028 (.024)
GdP per Capita [ln] .196* (.102) .196* (.102) .014 (.128) .013 (.128)
total Population [ln] .450*** (.077) .450*** (.077) .505*** (.081) .506*** (.081)
State failure .355*** (.101) .355*** (.101) .371*** (.088) .373*** (.088)
September 11 .254 (.165) .254 (.165) .006 (.169) .006 (.169)
Youth Bulge .033* (.017) .033* (.017) .017 (.016) .017 (.016)
State Capacity -.137 (.175) -.137 (.175) .013 (.172) .013 (.173)
no Attack Years −1.15*** (.124) −1.15*** (.124)
no Attack Years Squared .106*** (.019) .106*** (.019)
no Attack Years Cubed -.003*** (.001) -.003*** (.001)
domestic terror frequency(t-1) .019*** (.004) .019*** (.004)
terror History 2.76*** (.245) 2.76*** (.243)
Constant −7.66*** (1.53) −7.66*** (1.54) −8.05*** (1.83) −8.03*** (1.83)
n 2539 2539 2539 2539
Wald X2 (Prob. > X2) 397.88 (0.0000) 399.78 (0.0000) 451.35 (0.0000) 501.84 (0.0000)
log Pseudolikelihood −719.57 −719.57 −2709.22 −2709.07
ln alpha 1.21 (.125) 1.21 (.126)
Country Clusters 152 152 152 152

two-tailed significance test * p ≤ 0.05 ** p ≤ 0.01 *** p ≤ 0.001.
robust Std. errors Clustered by Country.
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Table A7. effect of refugees, Social Perception & economic environment on domestic terrorism in 
Host-Country, 1995-2014 (rare events logit regression).

model A20 model A21 model A22 model A23 model A24

refugee Population [ln] .000 (.034) .072 (.055) -.114 (.105) .001 (.035) .001 (.035)
neighbors .012 (.011) -.062* (.034)
refugees * neighbors .008** (.003)
unemployment rate .041 (.055) .048 (.147)
refugees * 

unemployment
-.001 (.019)

democracy .050*** (.016) .028 (.032) .018 (.035) .050*** (.016) .050*** (.016)
GdP per Capita [ln] .240* (.106) .391* (.188) .415* (.201) .239* (.106) .238* (.106)
total Population [ln] .479*** (.080) .300** (.105) .366*** (.119) .477*** (.080) .476*** (.080)
State failure .369*** (.111) .786** (.336) .748* (.349) .369*** (.111) .368*** (.111)
September 11 .382* (.181) -.289 (.310) -.413 (.311) .385* (.183) .384* (.183)
Youth Bulge .038* (.018) .068** (.025) .068** (.027) .038* (.018) .038* (.018)
State Capacity -.223 (.176) -.288 (.272) -.186 (.290) -.219 (.176) -.218 (.176)
no Attack Years −1.06*** (.120) -.715*** (.182) -.684*** (.182) −1.06*** (.119) −1.06*** (.119)
no Attack Years Squared .093*** (.019) .051* (.031) .045 (.031) .092*** (.019) .092*** (.019)
no Attack Years Cubed -.002*** (.001) -.001 (.001) -.001 (.001) -.002*** (.001) -.002*** (.001)
Constant −8.93*** (1.60) −9.93*** (2.25) −8.89*** (2.38) −8.90*** (1.60) −8.88*** (1.60)
n 2672 722 722 2656 2656
Country Clusters 152 84 84 151 151

two-tailed significance test * p ≤ 0.05 ** p ≤ 0.01 *** p ≤ 0.001.
robust Std. errors Clustered by Country.

Table A8. effect of difference & Sameness refugees on domestic terrorism in Host-Country, 1995-2014.
logit nBreG

model A25 model A26

different refugee Population [ln] .008 (.025) -.018 (.032)
Same refugee Population [ln] -.027 (.029) .012 (.031)
democracy .050** (.016) .028 (.023)
GdP per Capita [ln] .277** (.117) -.005 (.145)
total Population [ln] .502*** (.075) .530*** (.082)
State failure .375*** (.106) .366*** (.086)
September 11 .387* (.175) .007 (.172)
Youth Bulge .045** (.019) .015 (.018)
State Capacity -.241 (.175) .046 (.182)
no Attack Years −1.07*** (.118)
no Attack Years Squared .094*** (.019)
no Attack Years Cubed -.003*** (.001)
domestic terror frequency(t-1) .018*** (.004)
terror History 2.78*** (.241)
Constant −9.60*** (1.66) −7.78*** (204)
n 2672 2569
Wald X2 (Prob. > X2) 381.43 (0.0000) 534.48 (0.0000)
log Pseudolikelihood −774.81 −2714.69
ln alpha 1.21 (.132)
Country Clusters 152 152

two-tailed significance test.
*p ≤ 0.10.
**p ≤ 0.05.
***p ≤ 0.01.
robust Std. errors Clustered by Country.
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Table A9. effect of difference and Sameness refugees & Social Perception on domestic terrorism 
in Host-Country, 1995-2014.

logit nBreG

model A27 model A28 model A29 model A30

different refugee Population [ln] .001 (.039) .086 (.069) -.062 (.041) -.052 (.071)
Same refugee Population [ln] .054 (.036) -.037 (.066) .082* (.036) .007 (.081)
neighbors .012 (.011) .011 (.022) .007 (.010) -.012 (.017)
different refugees * neighbors -.004 (.003) .000 (.003)
Same refugees * neighbors .003 (.002) .003 (.002)
democracy .017 (.030) .029 (.033) -.014 (.030) -.015 (.032)
GdP per Capita [ln] .342* (.198) .310 (.208) .090 (.196) .105 (.208)
total Population [ln] .339*** (.097) .379*** (.101) .330*** (.101) .333*** (.107)
State failure .847** (.338) .826** (.335) .822*** (.148) .817*** (.144)
September 11 -.312 (.319) -.276 (.310) -.371 (.228) -.364 (.229)
Youth Bulge .056* (.029) .062* (.030) .007 (.026) .013 (.028)
State Capacity -.217 (.261) -.221 (.267) -.111 (.201) -.077 (.195)
no Attack Years -.730*** (.186) -.702*** (.191)
no Attack Years Squared .052 (.031) .047 (.033)
no Attack Years Cubed -.001 (.001) -.001 (.001)
domestic terror frequency(t-1) .018*** (.005) .017*** (.005)
terror History 1.85*** (.278) 1.86*** (.267)
Constant −9.02*** (2.46) −9.52*** (2.45) −5.45* (2.99) −5.39* (3.03)
n 722 722 700 700
Wald X2 (Prob. > X2) 191.49 (0.0000) 190.37 (0.0000) 346.06 (0.0000) 373.19 (0.0000)
log Pseudolikelihood −250.24 −248.47 −1010.90 −1009.41
ln alpha .944 (.191) .922 (.205)
Country Clusters 84 84 84 84

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.

Table A10. effect of difference and Sameness refugees & economic environment on domestic 
terrorism in Host-Country, 1995-2014.

logit nBreG

model A31 model A32 model A33 model A34

different refugee Population [ln] .008 (.025) .007 (.025) -.020 (.032) -.020 (.032)
Same refugee Population [ln] -.026 (.029) -.026 (.029) .013 (.031) .012 (.031)
unemployment rate Change .036 (.055) .016 (.120) .074 (.063) .108 (.155)
different refugees * unemployment .013 (.013) .003 (.017)
Same refugees * unemployment -.011 (.011) -.008 (.010)
democracy .049** (.016) .049** (.017) .028 (.022) .028 (.022)
GdP per Capita [ln] .275** (.117) .278** (.117) -.001 (.142) -.000 (.143)
total Population [ln] .500*** (.076) .503*** (.075) .531*** (.081) .531*** (.081)
State failure .376*** (.106) .377*** (.106) .364*** (.086) .367*** (.086)
September 11 .390* (.177) .382* (.178) .020 (.173) .022 (.174)
Youth Bulge .045** (.019) .045** (.019) .016 (.017) .017 (.017)
State Capacity -.237 (.174) -.235 (.173) .050 (.181) .052 (.181)
no Attack Years −1.07*** (.118) −1.07*** (.118)
no Attack Years Squared .094*** (.019) .094*** (.019)
no Attack Years Cubed -.003*** (.001) -.003*** (.001)
domestic terror frequency(t-1) .019*** (.004) .019*** (.004)
terror History 2.79*** (.240) 2.78*** (.236)
Constant −9.57*** (1.67) −9.62*** (1.67) −7.86*** (1.98) −7.88*** (1.99)
n 2656 2656 2553 2553
Wald X2
(Prob. > X2)

379.98 (0.0000) 406.47 (0.0000) 561.37 (0.0000) 600.63 (0.0000)

log Pseudolikelihood −774.43 −773.72 −2712.77 −2712.41
ln alpha 1.21 (.132) 1.21 (.134)
Country Clusters 151 151 151 151

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.
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Table A11. testing inverse relationship (olS regression).
d.V. = neighbors model A35 model A36 model A37 model A38 model A39 model A40

refugee Population(t-1) 
[ln]

-.190 (.651) -.196 (.651) -.203 (.657) -.197 (.662) -.206 (.650) -.198 (.649)

unemployment 
rate(t-1)

.391 (.298) .388 (.295) .381 (.290) .385 (.298) .388 (.298)

domestic terror Attack 1.98 (2.91)
domestic terror 

frequency
-.017 (.016)

domestic terror 
Attack(t-1)

2.30 (2.83)

domestic terror 
frequency(t-1)

-.020 (.024)

democracy -.602* (.259) -.599* (.259) -.605** (.256) -.611** (.254) -.588* (.260) -.589* (.260)
GdP per Capita [ln] .686 (1.47) .683 (1.47) .538 (1.51) .547 (1.50) .758 (1.49) .778 (1.49)
total Population [ln] .524 (1.20) .537 (1.20) .375 (1.27) .333 (1.28) .571 (1.21) .553 (1.20)
State failure 1.45 (1.44) 1.44 (1.44) 1.09 (1.46) 1.06 (1.45) 1.84 (1.46) 1.84 (1.53)
September 11 3.37* (1.47) 3.35* (1.47) 3.72* (1.61) 3.78* (1.63) 3.43* (1.47) 3.38* (1.47)
Youth Bulge .257 (.200) .256 (.200) .232 (.213) .227 (.212) .269 (.203) .270 (.205)
State Capacity -.553 (1.75) -.553 (1.75) -.451 (1.71) -.461 (1.72) -.633 (1.74) -.662 (1.74)
Constant 8.95 (17.29) 8.94 (17.29) 12.03 (18.74) 12.44 (18.72) 7.38 (17.88) 7.39 (17.96)
n 696 696 696 696 696 696
f (Prob. > f) 3.17 (0.0036) 3.44 (0.0012) 3.22 (0.0015) 3.16 (0.0018) 3.13 (0.0020) 3.13 (0.0020)
Country Clusters 83 83 83 83 83 83

two-tailed significance test.
*p ≤ 0.05.
**p ≤ 0.01.
***p ≤ 0.001.
robust Std. errors Clustered by Country.

Table A12. Summary Statistics for robustness Checks.
Variable n mean Std. dev. min. max.

different refugee Population [ln] 2929 5.25 3.89 0 13.24
Same refugee Population [ln] 2929 5.40 4.10 0 14.60
different refugees * neighbors 753 111.00 118.94 0 683.68
Same refugees * neighbors 753 116.06 146.30 0 872.67
different refugees * unemployment 2866 -.110 8.77 −100.60 212.24
Same refugees * unemployment 2866 -.197 8.17 −109.37 160.60
refugee Population(t-1) [ln] 2731 8.34 3.07 0 14.60
neighbors(t-1) 728 20.71 13.64 1.7 67.13
refugees(t-1) * neighbors(t-1) 693 183.06 154.25 8.78 872.69
unemployment rate Change(t-1) 3027 -.036 1.37 −12 18.2
refugees(t-1) * unemployment(t-1) 2709 -.240 11.79 −115.81 212.24
domestic terror Attack(t-1) 3191 .210 .407 0 1
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