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in multi-objective optimization using mobile reference points. In Proceedings of
the 2010 ACM Symposium on Applied Computing, pages 1118–1125, 2010.

[8] Nicola Beume, Carlos M Fonseca, Manuel Lopez-Ibanez, Luis Paquete, and Jan
Vahrenhold. On the complexity of computing the hypervolume indicator. IEEE
Transactions on Evolutionary Computation, 13(5):1075–1082, 2009.

[9] Nicola Beume, Boris Naujoks, and Michael Emmerich. Sms-emoa: Multiobjec-
tive selection based on dominated hypervolume. European Journal of Operational
Research, 181(3):1653–1669, 2007.

177



Bibliography

[10] Keomany Bouvard, Samuel Artus, Christophe Bérenguer, and Vincent Cocquem-
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Bäck. Automatic preference based multi-objective evolutionary algorithm on ve-
hicle fleet maintenance scheduling optimization. Swarm and Evolutionary Com-
putation, page 100933, 2021.

[119] Yali Wang, Steffen Limmer, Markus Olhofer, Michael TM Emmerich, and
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