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CHAPTER 7

Discussion and 
future perspectives



From method development to a standardized protocol

In this thesis, automated analysis of released N-glycans from serum and plasma 
proteins is described (Chapter 2). This analytical method was extended with a 
protocol for the analysis of released glycans from dried blood spots (DBS) (Chapter 
3) and the MS-part of the protocol was further elaborated on, with increased 
resolving power of the measurements that elucidated overlapping signals of isobaric 
N-glycans and small O-glycans in the MALDI-matrix region of the mass spectrum 
(Chapter 4).

Sample preparation, automation and MS measurements
Method development involves a stepwise process in which an existing protocol 
is further optimized or alternatively a method is established from scratch. Both 
approaches require a combination of new knowledge with the latest innovations. 
For the automated N-glycosylation profiling method that was developed in this 
study, a previously established protocol was used as a starting point.1 The initial 
protocol was improved through multiple steps. To begin with, the pH in the 
enzymatic release reaction was lowered to prevent side reactions in the subsequent 
derivatization reaction. Second, a manual solid phase extraction (SPE) protocol based 
on cotton hydrophilic interaction liquid chromatography (HILIC) that is generally 
used in our research group2,3 was converted into an automated version. And last, 
MALDI-FTICR-MS was introduced for glycan profiling instead of MALDI-TOF-MS 
to improve resolving power and accuracies of the mass measurements.
	 In a previous study multiple byproducts and fragmentations of glycans 
were reported after detailed analysis of the glycan mass spectra, which complicate 
the interpretation (peak assignments) of the spectrum.4 Although application of 
MALDI-FTICR-MS allowed resolving overlapping signals, still additional signals 
resulting from unwanted side-reactions were present in the spectra that potentially 
bias the (relative) quantitation part. To prevent side reactions at the reducing end 
of the glycan, the pH of the release solution was lowered to enhance hydrolysis 
of the enzymatic release product, which contains an amine group at the reducing 
end (Chapter 2). This had to be carefully balanced, because a low pH can lead to 
protein precipitation, including the precipitation of the release enzyme. Moreover, 
the activity of protein N-glycosidase F (PNGase F) can be affected by a lower pH, or 
turn inactive at pH<4.0.5

	 The inclusion and automation of a cotton HILIC-based purification instead 
of the previous filter-plate method was important for the glycan detectability: from 
experience it was known that in MALDI-TOF-MS analysis the glycans in the m/z 
range larger than 3100 were lower in intensity when purified with the previous 
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method1 compared to manual cotton HILIC methods.2,3 This difference can be 
explained by either a lower recovery of larger glycans or a suppressing effect from 
other compounds present after filter-plate purification. The automation of a manual 
protocol is often not a one-to-one transferable process and in the case of cotton 
HILIC purification adjustments were needed. In manual pipetting processes of the 
samples the liquid level and SPE material can be carefully controlled, whereas this is 
standardized in an automated procedure. Especially for cotton HILIC SPE this was 
challenging since the cotton strand should remain at the end of the tip at all time 
during the pipetting procedure. Manipulation of the liquid can loosen the cotton 
strand and visually checking the potential movement of this strand is necessary. 
To solve this for the automated pipetting platform, porous frits were added to the 
pipetting tips, forcing the cotton strand to stay at the end of the tip, while letting 
the liquid pass. Control of the purification was ensured without the need of human 
involvement. This change of purification method resulted in improved detection of 
glycans in the higher mass range (m/z>3100), which especially in combination with 
MALDI-FTICR-MS resulted into the inclusion of more N-glycan species in relative 
quantification analysis.
	 Glycosylation profiling with MALDI-FTICR-MS allowed the detection of 112 
different glycan compositions, with MALDI-TOF-MS at 86 different compositions 
(Chapter 2).6 Although the FTICR-MS spectra exhibit a high resolving power, not all 
signals were fully resolved with the initial measurement method. Importantly, these 
glycan signals could be identified upon implementation of absorption mode data 
processing instead of the initially used magnitude mode (Chapter 4).7 It is noted 
that absorption mode spectra improve identifications in profiling, but are not suited 
for relative quantification due to “negative” peaks near the analyte signals that 
originate from phasing artefacts. In future, absorption mode measurements might 
be used for relative quantification, when phasing software is able to prevent this 
baseline distortion or extraction software is able to cope with these peaks. Still, for 
the detection and confident identification of overlapping species this measurement 
mode is a valuable addition to the magnitude mode measurements.
	
Sample collection and the importance of standardization
The developed released N-glycan protocol can be widely applied to any serum or 
plasma cohort for which N-glycosylation profiles are the anticipated data (Chapter 
2). This was exemplified in a pancreatic cancer case-control cohort (Chapter 5). In 
addition, the released N-glycan protocol is suited for DBS samples with a specific 
extension (Chapter 3), which would be an easier way of collecting samples from 
patients, as it even can be collected by the patient self.
	 Most biomarker studies have been carried out on retrospective cohorts 
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of clinical blood samples, that is material previously collected. The pre-analytical 
variables are therefore not necessarily optimal for the analytes and/or research 
question. Moreover, the primary concern of the clinician lies on the health and well-
being of the patient and as a consequence the procedure and execution of sample 
collection has lower priority.8 Research efforts and anticipated clinical diagnostics 
increasingly shift from a wide range of generally applied biomarkers to specific 
biomarkers analyzed in high-end assays to aim for personalized medicine and study 
the biology of an individual. As the outcomes of these type of assays may be affected 
by the quality of the collected sample, analytical scientists should bring their quality 
requirements into the clinical field.8

	 A critical aspect of sample collection is that it requires standardization both 
when a patient sample is acquired in the clinic, but also in case the patient performs 
self-sampling. Without a clear and unambiguous protocol for sample collection and 
-storage, variation may be introduced, resulting in biases or random variation in the 
results. The standardization of the pre-analytical procedures is therefore as important 
as the standardization of the analytical method itself. The samples in the present 
studies (Chapter 5 and 6) were collected according to a standardized protocol and 
the pre-analytical procedures were performed in a specialized laboratory. However, 
not every sample collection center has this type of facility and resources, but also in a 
standard lab facility high levels of standardization should be urged. Moreover, there 
should be aimed for a national, European or even global type of standardization in 
sample collection for different types of analytes. To get this done, it might take a 
long time and much effort, but the great advantage of this would be the ability to 
collect large sample cohorts, also for relatively rare diseases, which will improve 
biomarker research.
	 In the standardization of a sampling procedure, it should be considered that 
patient lifestyle and also care decisions influence the sample and that the analytical 
profiles obtained from a patient may not represent the actual health status of a patient.8 
Additionally, when blood is in a tube, biological (enzymes), chemical (hydrolysis, 
oxidation) and physical (aggregation) degradation can occur in the sample, which 
might lead to alterations of the biomarkers in the sample.8,9 However, MALDI-TOF-
MS glycosylation profiles have shown robustness with regard to fluctuations in time 
before centrifugation of blood specimens, serum and plasma storage times, storage 
temperatures and tube additives (such as EDTA).10

	 Besides the sampling protocol, other aspects need to be considered, such as 
the type of sample vials used and the storage conditions. The type of matrix in the 
sample container or the material of the container itself can influence the analytes 
and therefore the outcome of the analysis.8 Additionally, the storage temperature 
can influence the degradation of the sample. It is, for example, known that in case of 
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protein analysis storage temperatures have significant effects on protein quantities.11 
Notably, glycosylation profiles did not differ for different storage temperatures. 
In addition, for DBS it was shown that even storage at 37 °C did not alter the 
glycosylation profile (Chapter 3).
	 To implement DBS collection into the clinic for patient sample collection 
spot quality needs to be further investigated. As the samples will be collected by 
different people (preferably the patients) information on ‘good’ and ‘bad’ spot 
quality for glycosylation analysis needs to be available. In addition, the stability 
of glycosylation profiles over a longer time period should be studied, as spots 
might need to be preserved as reference sample for new measurements in case of 
longitudinal sample collection.
	 Longitudinal samples can be measured at various time points without 
inclusion of the previous sample as a reference, provided the performance of the 
analytical protocol and instruments is kept stable over time. The technical variability 
over time should be minimized and a short-term version of this was already shown 
(Chapter 2). The technical variation between sample-batches and measurement 
days was determined, resulting in a less than 10% average variation of the ten 
most abundant glycans in the spectra.6 We see this as an acceptable variation in our 
method, however lowering this number would make our method more sensitive 
for biological variation, which is in cohort analysis of course the preferred variation 
found. With the current technical variation probably subtle differences between 
cases and controls are missed, while these could provide essential information about 
glycosylation changes in disease. To decrease technical variation, attention should 
be paid to the last part of the protocol: MALDI-spotting and MALDI-MS analysis. It 
is known that sDHB-matrix does not dry as a homogeneous crystal layer, but very 
inhomogeneous with large crystals and partially empty spots. Averaging multiple 
shots at the spots helps to obtain a relatively stable spectrum, but still variation 
is introduced. The development of a homogeneously drying matrix suitable for 
released glycan measurement might therefore be necessary to decrease the total 
technical variation of measurements in the future.

The use of software for data-processing and interpretation
Multiple software tools were used for high-throughput data processing and -analysis 
of the obtained MS spectra. One of the software tools used throughout this thesis 
is in-house developed MassyTools (Chapter 2, 3, 5 and 6).12 Additionally, specific 
scripts in R software tool were available for the calculation of derived traits, which 
enables us to analyze shared features of glycans, such as the branching, fucosylation, 
sialylation and bisection (Chapter 5 and 6).
	 These tools are useful and essential for fast processing of mass spectrometry 
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data from for example released glycans. In addition, the automated workflow 
minimizes the human intervention, for which also the risk of human mistakes is 
decreased. However, often human involvement is required for interpretation and 
to monitor the critical steps in a procedure. The software can still output processed 
data, without necessarily showing that there was an irregularity in the processing. 
This was for example the case in our MassyTools sample processing, where peak 
extraction is performed directly after calibration. An overview of the quality of the 
calibration of all spectra is not displayed (it is outputted per spectrum), although 
this is information should be evaluated before the start of the extraction. A bad 
calibration can highly influence the data obtained after extraction and therefore also 
the results of a study. For this reason, in the described studies the parts-per-million 
(PPM)-errors of the calibrants in all spectra were evaluated manually before peak 
extraction. The summarized output of crucial information about the quality of each 
processing step would be a valuable and important addition to data processing 
software tools.
	 Understanding of the software and the acquired data is essential for the 
right interpretation of the data and to answer the research questions with the 
right information. Therefore, software should not be treated as a black box, but be 
evaluated if it meets the purpose of the research and fits the type of data. To illustrate 
this, software can be used to find an elemental composition for an observed m/z13, 
however, these type of software tools often do not differentiate between molecular 
compositions that are possible according to chemistry and random compositions 
coincidently matching the m/z.
	 Also, in glycosylation and MS analysis software tools should be used with 
caution as a tool to help human work but not to replace it completely. In glycosylation 
analysis the biosynthetic pathway should be taken into account when identifying 
MS-signals, as the inclusion of compositions that are not in accordance with the 
biosynthesis can complicate the interpretation of the data or spread ‘fake’ results into 
the field. Additionally, user-defined settings should be re-evaluated when changing 
systems. An example for this is the extraction width (in the mass window) of signals 
in MALDI-TOF-MS and MALDI-FTICR-MS spectra. For MALDI-TOF-MS spectra a 
single extraction width was sufficient, whereas for MALDI-FTICR-MS every analyte 
required a specific extraction window (Chapter 2).
	 A certain understanding of glycobiology is important for interpretation of 
results, as is demonstrated in this thesis (Chapter 5). For example, in the pancreatic 
cancer study, glycan traits A3F0S and A4F0S showed a decrease in patients while 
A3FS and A4FS were observed at elevated levels. When interpreting each trait 
individually it could be concluded that sialylation levels are changing in patients. 
However, by interpretation of all traits together it is far more likely that the effect 

124

Chapter 7



is caused by the change in fucosylation. In the case of A4F0E this might also be the 
case, as generally the α2,6-linked sialylation in increasing, but the non-fucosylated 
fraction of glycans is decreasing and appears to be the stronger effect in these 
glycans. Additionally, derived traits only make sense when most of the glycans in 
one trait show the same effect, and the resulting change described in this derived 
trait is not the result of for example one single glycan. Without human interpretation 
of the data the conclusions on this data could have been significantly different.

Limitations of total plasma N-glycome analysis
MALDI-FTICR-MS analysis of released N-glycans is a useful method for screening 
changes in the N-glycome of blood-based samples. The method is rapid, almost 
fully automated and exhibits a good repeatability. However, as every method, this 
method also has its limitations.
	 The most important one is that the glycan information represents a 
summary of all glycoproteins in the blood. The released glycans are obtained 
from many different glycoproteins and end up in the same mixture, so the glycans 
cannot be traced back to their originating glycoprotein or to the glycosylation 
site on that protein. Although for some glycoproteins it is known what type of 
glycans they carry14, it can only be speculated from a total serum N-glycome profile 
which glycoproteins are involved in causing specific signatures and glycosylation 
differences. Nonetheless, global serum glycosylation analysis can still indicate what 
the potentially interesting glycoproteins for a follow-up study would be and give 
insights in major changes occurring in disease.
	 A second limitation is found in the MALDI-MS readout that cannot distinguish 
all potential isomers, although sialic acids are detected with linkage-specificity, due 
to the derivatization method applied. For other isomers complementary methods 
are required, for example separation methods (e.g. liquid chromatography or 
capillary electrophoresis). In cancer analysis (Chapter 5 and 6), it would for example 
be beneficial to know the location of the fucose on a glycan, as it turns out that 
fucosylation is strongly increased in pancreatic cancer (Chapter 5), but that from 
the current data it cannot be derived whether this increase solely involves antenna-
fucoses and may be linked to the formation of sialyl-Lewis X (sLeX) moieties or that 
also core fucosylation is changing.
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Clinical translation 

Many studies on biomarker research have been performed in the past and although 
a great potential was foreseen, only a very limited number of biomarkers have 
successfully been translated into the clinic.15,16 Multiple reasons for this translation 
gap have been discussed, such as the complexity of diseases and lack of knowledge 
about the specific diseases. In addition, technical challenges and the use of 
inappropriate samples and study design for the research question or validation have 
been mentioned.17 The latter is also related to the collection of the samples, which 
has been discussed in this thesis. Here, close collaboration between clinicians, the 
clinical laboratory and research scientists is important.

Translational research
A screening test should meet specific requirements, of which one of the most 
important is that it should identify a disease when it is present (sensitivity) and rule 
out the disease when it is not present (specificity). In many cancer biomarker studies 
this criterion is not met sufficiently, leading to false positives and false negatives.18 

To bring a test into the clinic, this clinical validity is highly important as it should 
perform better than the currently used diagnostic method, which is often called 
the ‘gold standard’.19 A new clinical test should also generally provide benefits as 
compared to the previous one. For example, it should not include disproportionate 
increase of invasiveness or risk for patients. In addition, the analytical validity 
of a test, as was already discussed above, is highly important for a method to be 
transferred into the clinic.
	 As mentioned earlier, a limited number of biomarkers were successfully 
translated into a clinical test and multiple reasons for this where mentioned.15,17 For 
this reason, an international initiative suggested that for the diagnosis of diseases 
improvements in biomarker selection should be made and that clinical development 
should focus more on unmet clinical needs.20 The focus of biomarker research is 
not always directed towards shortcomings in clinical practice, but might also be 
influenced by non-clinical factors such as technological innovation (not necessarily 
for healthcare purposes) and financial pressure.20 To stimulate the translation of 
biomarkers into the clinic in future, efforts should be made to deal with these aspects 
of research.

Cancer biology and blood-based cancer detection
Tumors are complex tissues, consisting of multiple cell types with various types 
of interactions.21 Not only the tumor cells themselves, but also the surrounding 
tissues are involved in the development of the cancer.21 Studies of human cancers 
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have shown that development of tumors is a result of subsequent genetic changes 
which provide an advantage for tumor cell growth which ultimately leads to the 
transformation of normal cells into malignant tumor cells.22 In the year 2000, Hanahan 
and Weinberg suggested six essential changes in cell physiology that together are 
the basis of cancer growth, namely self-sufficiency in growth signals, insensitivity 
to anti-growth signals, tissue invasion and metastasis, limitless replicative potential, 
sustained angiogenesis and evading apoptosis.22 Later, it was proposed to also add 
immune hallmarks of cancer to this list.23 In 2011 the concept of cancer hallmarks 
was reviewed and additional changes were added, namely genome instability and 
mutation, tumor promoting inflammation and also deregulating cellular energetics 
and avoiding immune destruction.21 The involvement of glycosylation in these 
various hallmarks has been overviewed by Pearce et al., showing that different types 
of glycan groups play a role in cancer development.24 It should be noted that the 
hallmarks of cancer are not exclusively true for cancer, but many of them can for 
example also apply to benign tumors which are unlikely to become malignant.25

	 In biomarker research the overlap of physiological processes in different 
diseases is often a challenge as it can highly influence the performance of a potential 
clinical test. In this thesis (Chapter 5) it was already discussed that inflammatory 
glycosylation changes were found in pancreatic cancer patients, which was 
explained by cancer related inflammation of the tumor microenvironment.26 Here, 
it was also noted that the specificity of the analysis should be further evaluated in 
a cohort setting containing other cancer types and benign diseases, as this would 
better mimic a clinical setting. In other words, care has to be taken when drawing 
conclusions on specificity from a pure case-control study. In addition, as blood 
travels through the whole body and the sample is thus not locally derived at the 
tumor, it might be challenging to pinpoint where the alterations of blood-derived 
analytes are originating from.
	 In 2018, a prime example was presented that combined multiple types of 
blood-derived biomarkers (genetic- and protein markers) to identify the presence 
of cancer and the organ it originated from.27 Unfortunately, this test appeared to 
be very sensitive for some cancers (ovary and liver), but for example for breast 
cancer the sensitivity of the test was poor.27 Nevertheless, the concept of combining 
multiple analytes to increase sensitivity and specificity of blood-tests for cancer 
diagnosis was shown to be effective and this might be the way to go in the future. 
To this end, glycosylation is a valuable add-on to the genetic- and protein markers 
as was exemplified (Chapter 5) with profiles from pancreatic cancer patients that 
significantly differed from those of healthy controls.
	 Besides the use of these glycosylation changes as biomarkers, attention 
should also be paid to the origin of these changes. Understanding should be gained 

127

General Discussion, Conclusion and Perspectives



on why the glycosylation of proteins in blood is changing and if this change serves 
a function in the progression of the disease. From cell-surface glycosylation it is 
known that it has a function in tumor development, but for secreted proteins this is 
not well understood.28–30
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Concluding remarks

In summary, this thesis provides a high-throughput analysis method for released 
N-glycans including enzymatic release and automated sialic acid linkage-specific 
derivatization, cotton HILIC purification and MALDI-target spotting, for analysis 
of samples with high resolution MALDI-FTICR-MS (Chapter 2). It also describes the 
extension of this method for dried blood spots (Chapter 3) and approaches to further 
increase resolution to resolve overlapping species (Chapter 4). The automated 
method was applied to a pancreatic cancer study (Chapter 5), where glycosylation 
profiles were obtained from total serum and classification analysis was performed. 
A similar method was used for the total serum N-glycosylation analysis of breast 
cancer cases and controls (Chapter 6).

To translate biomarkers into the clinic, the analytical- and clinical validity of a test 
should always be critically evaluated. Samples should be collected in a standardized 
manner and (pre-)analytical protocols should be unambiguous in use. In addition, 
automation of methods and data analysis software can be very useful in terms of 
fast processing and repeatability, but critical steps of the procedures should always 
be critically monitored to ensure the quality of the conclusions drawn from the data. 
General glycosylation analysis from blood-derived samples can give a relatively 
simple and fast overview of the glycosylation changes with disease, but has its 
limitations in terms of origin of the glycans and isomer analysis. Therefore, the use 
of complementary analytical techniques is recommended for studies following total 
plasma/serum N-glycome analysis.
	 In the past, only limited number of biomarkers were successfully translated 
into the clinic, which might be the result of the complexity of the diseases, technical 
challenges and factors distracting the focus of the clinical needs. In future, much 
progress on overcoming these challenges should be made. In addition, overlapping 
physiological changes between diseases challenge the specificity of tests. Here, 
combining multiple types of analytes in one test might enable us in the future to 
better distinguish between different diseases and might ultimately lead to a blood 
test for the diagnosis of different types of cancer.

129

General Discussion, Conclusion and Perspectives



References
(1) 	 Bladergroen, M. R.; Reiding, K. R.; Hipgrave Ederveen, A. L.; Vreeker, G. C. M.; Clerc, F.; Holst, S.; Bondt, A.; 

Wuhrer, M.; van der Burgt, Y. E. M. Automation of High-Throughput Mass Spectrometry-Based Plasma N 
-Glycome Analysis with Linkage-Specific Sialic Acid Esterification. J. Proteome Res. 2015, 14 (9), 4080–4086. 
https://doi.org/10.1021/acs.jproteome.5b00538.

(2) 	 Selman, M. H. J.; Hemayatkar, M.; Deelder, A. M. A. M.; Wuhrer, M. Cotton HILIC SPE Microtips for Microscale 
Purification and Enrichment of Glycans and Glycopeptides. Anal. Chem. 2011, 83 (7), 2492–2499. https://doi.
org/10.1021/ac1027116.

(3) 	 Reiding, K. R.; Blank, D.; Kuijper, D. M.; Deelder, A. M.; Wuhrer, M. High-Throughput Profiling of Protein 
N-Glycosylation by MALDI-TOF-MS Employing Linkage-Specific Sialic Acid Esterification. Anal. Chem. 2014, 86 
(12), 5784–5793. https://doi.org/10.1021/ac500335t.

(4) 	 Reiding, K. R.; Lonardi, E.; Hipgrave Ederveen, A. L.; Wuhrer, M. Ethyl Esterification for MALDI-MS Analysis of 
Protein Glycosylation. Methods Mol. Biol. 2016, 1394, 151–162. https://doi.org/10.1007/978-1-4939-3341-9_11.

(5) 	 Plummer, T. H.; Elder, J. H.; Alexander, S.; Phelan, A. W.; Tarentino, A. L. Demonstration of Peptide:N-Glycosidase 
F Activity in Endo-β-N-Acetylglucosaminidase F Preparations. J. Biol. Chem. 1984, 259 (17), 10700–10704.

(6) 	 Vreeker, G. C. M.; Nicolardi, S.; Bladergroen, M. R.; van der Plas, C. J.; Mesker, W. E.; Tollenaar, R. A. E. M.; van 
der Burgt, Y. E. M.; Wuhrer, M. Automated Plasma Glycomics with Linkage-Specific Sialic Acid Esterification and 
Ultrahigh Resolution MS. Anal. Chem. 2018, 90 (20), 11955–11961. https://doi.org/10.1021/acs.analchem.8b02391.

(7) 	 Vreeker, G. C. M.; Nicolardi, S.; Madunic, K.; Kotsias, M.; van der Burgt, Y. E. M.; Wuhrer, M. O- and 
N-Glycosylation Analysis of Cell Lines by Ultrahigh Resolution MALDI-FTICR-MS. Int. J. Mass Spectrom. 2020, 
448, 116267. https://doi.org/10.1016/j.ijms.2019.116267.

(8) 	 Lim, M. D.; Dickherber, A.; Compton, C. C. Before You Analyze a Human Specimen, Think Quality, Variability, 
and Bias. Anal. Chem. 2011, 83 (1), 8–13. https://doi.org/10.1021/ac1018974.

(9) 	 De Noo, M. E.; Tollenaar, R. A. E. M.; Özalp, A.; Kuppen, P. J. K.; Bladergroen, M. R.; Eilers, P. H. C.; Deelder, A. 
M. Reliability of Human Serum Protein Profiles Generated with C8 Magnetic Beads Assisted Maldi-TOF Mass 
Spectrometry. Anal. Chem. 2005, 77 (22), 7232–7241. https://doi.org/10.1021/ac050571f.

(10) 	 Dědová, T.; Grunow, D.; Kappert, K.; Flach, D.; Tauber, R.; Blanchard, V. The Effect of Blood Sampling and 
Preanalytical Processing on Human N-Glycome. PLoS One 2018, 13 (7), e0200507. https://doi.org/10.1371/journal.
pone.0200507.

(11) 	 Lee, D. H.; Kim, J. W.; Jeon, S. Y.; Park, B. K.; Han, B. G. Proteomic Analysis of the Effect of Storage Temperature 
on Human Serum. Ann. Clin. Lab. Sci. 2010, 40 (1), 61–70.

(12) 	 Jansen, B. C.; Reiding, K. R.; Bondt, A.; Hipgrave Ederveen, A. L.; Palmblad, M.; Falck, D.; Wuhrer, M. MassyTools: 
A High-Throughput Targeted Data Processing Tool for Relative Quantitation and Quality Control Developed for 
Glycomic and Glycoproteomic MALDI-MS. J. Proteome Res. 2015, 14 (12), 5088–5098. https://doi.org/10.1021/acs.
jproteome.5b00658.

(13) 	 Patiny, L.; Borel, A. ChemCalc: A Building Block for Tomorrow’s Chemical Infrastructure. J. Chem. Inf. Model. 
2013, 53 (5), 1223–1228. https://doi.org/10.1021/ci300563h.

(14) 	 Clerc, F.; Reiding, K. R.; Jansen, B. C.; Kammeijer, G. S. M.; Bondt, A.; Wuhrer, M. Human Plasma Protein 
N-Glycosylation. Glycoconj. J. 2016, 33 (3), 309–343. https://doi.org/10.1007/s10719-015-9626-2.

(15) 	 Ioannidis, J. P. A. Biomarker Failures. Clin. Chem. 2013, 59 (1), 202–204. https://doi.org/10.1373/
clinchem.2012.185801.

(16) 	 Kirwan, A.; Utratna, M.; O’Dwyer, M. E.; Joshi, L.; Kilcoyne, M. Glycosylation-Based Serum Biomarkers for 
Cancer Diagnostics and Prognostics. Biomed Res. Int. 2015, 2015, 490531. https://doi.org/10.1155/2015/490531.

(17) 	 Diamandis, E. P. The Failure of Protein Cancer Biomarkers to Reach the Clinic: Why, and What Can Be Done to 
Address the Problem? BMC Med. 2012, 10 (1), 87. https://doi.org/10.1186/1741-7015-10-87.

(18) 	 Kailemia, M. J.; Park, D.; Lebrilla, C. B. Glycans and Glycoproteins as Specific Biomarkers for Cancer. Anal. 
Bioanal. Chem. 2017, 409 (2), 395–410. https://doi.org/10.1007/s00216-016-9880-6.

(19) 	 Burke, W. Genetic Tests: Clinical Validity and Clinical Utility. Curr. Protoc. Hum. Genet. 2014, 81 (1). https://doi.
org/10.1002/0471142905.hg0915s81.

(20) 	 Monaghan, P. J.; Lord, S. J.; St John, A.; Sandberg, S.; Cobbaert, C. M.; Lennartz, L.; Verhagen-Kamerbeek, W. D. J.; 
Ebert, C.; Bossuyt, P. M. M.; Horvath, A. R. Biomarker Development Targeting Unmet Clinical Needs. Clin. Chim. 
Acta 2016, 460, 211–219. https://doi.org/10.1016/j.cca.2016.06.037.

(21) 	 Hanahan, D.; Weinberg, R. A. Hallmarks of Cancer: The next Generation. Cell 2011, 144 (5), 646–674. https://doi.

130

Chapter 7



org/10.1016/j.cell.2011.02.013.
(22) 	 Hanahan, D.; Weinberg, R. A. The Hallmarks of Cancer. Cell 2000, 100 (1), 57–70. https://doi.org/10.1016/S0092-

8674(00)81683-9.
(23) 	 Cavallo, F.; De Giovanni, C.; Nanni, P.; Forni, G.; Lollini, P. L. 2011: The Immune Hallmarks of Cancer. Cancer 

Immunol. Immunother. 2011, 60 (3), 319–326. https://doi.org/10.1007/s00262-010-0968-0.
(24) 	 Pearce, O. M. T. Cancer Glycan Epitopes: Biosynthesis, Structure and Function. Glycobiology 2018, 28 (9), 670–696. 

https://doi.org/10.1093/glycob/cwy023.
(25) 	 Lazebnik, Y. What Are the Hallmarks of Cancer? Nat. Rev. Cancer 2010, 10 (4), 232–233. https://doi.org/10.1038/

nrc2827.
(26) 	 Arnold, J. N.; Saldova, R.; Abd Hamid, U. M.; Rudd, P. M. Evaluation of the Serum N-Linked Glycome for the 

Diagnosis of Cancer and Chronic Inflammation. Proteomics 2008, 8 (16), 3284–3293. https://doi.org/10.1002/
pmic.200800163.

(27) 	 Cohen, J. D.; Li, L.; Wang, Y.; Thoburn, C.; Afsari, B.; Danilova, L.; Douville, C.; Javed, A. A.; Wong, F.; Mattox, A.; 
et al. Detection and Localization of Surgically Resectable Cancers with a Multi-Analyte Blood Test. Science (80-. ). 
2018, 359 (6378), 926–930. https://doi.org/10.1126/science.aar3247.

(28) 	 Bassagañas, S.; Pérez-Garay, M.; Peracaula, R. Cell Surface Sialic Acid Modulates Extracellular Matrix Adhesion 
and Migration in Pancreatic Adenocarcinoma Cells. Pancreas 2014, 43 (1), 109–117. https://doi.org/10.1097/
MPA.0b013e31829d9090.

(29) 	 Schultz, M. J.; Swindall, A. F.; Bellis, S. L. Regulation of the Metastatic Cell Phenotype by Sialylated Glycans. 
Cancer Metastasis Rev. 2012, 31 (3–4), 501–518. https://doi.org/10.1007/s10555-012-9359-7.

(30) 	 Lu, J.; Gu, J. Significance of β-Galactoside Α2,6 Sialyltranferase 1 in Cancers. Molecules 2015, 20 (5), 7509–7527. 
https://doi.org/10.3390/molecules20057509.

131

General Discussion, Conclusion and Perspectives






