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A B S T R A C T

Background: Cognitive deficits affect up to 70% of all patients with Multiple Sclerosis (MS) and have a significant
impact on quality of life. Cognitive assessments need to be performed by a neuropsychologist and are often time-
consuming, hampering timely identification and adequate monitoring of cognitive decline in MS.
Objective: To develop a time-efficient, unsupervised, digital tool to screen for cognitive deficits in MS.
Methods: A digital (adjusted) version of the Brief International Cognitive Assessment for MS, including the
Symbol Digit Modalities Test (SDMT, information processing speed), the California Verbal Learning Test (CVLT-
II, verbal memory) and the Spatial Recall Test (SPART, visuospatial memory) was developed: Multiple Screener
(intellectual property of Sanofi Genzyme).

Firstly, the clarity and feasibility of the tool was confirmed by 16 patients with MS (mean age 50.9 years (SD
9.4, range 37–68). Next, in 60 healthy controls (HCs, mean age 44.5 years (SD 14.0, range 18–67), intraclass
correlation coefficients (ICC) were calculated to describe how strongly the digital version resembled the paper
and pencil-based assessment. Finally, 236 HCs (mean age 42.8 years (SD 12.8, range 18–69) were included to
obtain norm scores for each test.
Results: ICCs between digital and paper and pencil-based assessment were excellent to good (SDMT (ICC 0.79,
confidence interval (CI) 0.67–0.87); CVLT-II (ICC 0.77, CI 0.64–0.85); SPART (ICC 0.61, CI 0.42–0.75)). For each
test, a regression-based correction for the effect of age was applied on the raw scores before converting them to
norm Z-scores. Additionally, the SDMT scores needed correction for education and the CVLT-II for education and
sex (subgroups were created).
Conclusions: Performance on an adjusted, digital version of the BICAMS correlates highly with the standard
paper-and-pencil based test scores in HCs. Multiple Screener is an unsupervised, digital tool, with available norm
scores, ultimately allowing for easy monitoring of cognitive decline in patients with MS.

1. Introduction

Cognitive deficits affect up to 70% of all patients with MS and have
a significant impact on work participation and quality of life (Rao et al.,
1991; Chiaravalloti and DeLuca, 2008; Van der Hiele et al., 2014).
Cognitive domains that are most frequently affected are information
processing speed and memory (Rao et al., 1991; Chiaravalloti and
DeLuca, 2008).

Several cognitive test batteries have been validated to detect cog-
nitive decline in patients with MS (Langdon et al., 2012; Benedict et al.,
2012; Benedict et al., 2006), of which the BICAMS (Brief International
Cognitive Assessment for Multiple Sclerosis) is the most well-known
cognitive screener (Benedict et al., 2012). For some tests included in
these batteries (i.e. symbol digit modalities test (SDMT) and the Cali-
fornia verbal learning and memory test (CVLT-II)) it is known that they
are able to detect clinical meaningful changes (Morrow et al., 2010;
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Strober et al., 2018; Benedict et al., 2017). Still baseline and follow-up
measurements of cognitive functioning are often lacking in clinical
practice because objective cognitive assessment is time consuming and
requires specialized personnel. This is definitely the case in the Neth-
erlands, but also applies to other countries as was demonstrated in a
recent investigation across the UK (Klein et al., 2018). This is in conflict
with international recommendations for cognitive screening and cog-
nitive management in MS that recommend baseline measurement and
annual follow-up on cognitive functioning in stable patients (at least
with SDMT and ideally using BICAMS) (Kalb et al., 2018). The lack of a
baseline assessment (i.e. internal reference) hampers the detection of
subtle deleterious changes in cognition, especially when patients per-
form above norm scores (Sumowski et al., 2018). Therefore, the aim of
the current study was to develop a time-efficient, unsupervised, digital
tool to measure cognitive deficits in MS. To enable implementation of
the tool in a clinical setting, norm scores for each test were collected in
a large sample of healthy controls to allow for a proper interpretation of
the patients’ cognitive test scores (e.g. indicate normal functioning or
the presence of mild, moderate or severe impairment).

2. Methods

2.1. Digital cognitive assessment

The Multiple Screener tool (intellectual property of Sanofi
Genzyme) was written in X-code, a general purpose high-level object-
oriented programming language used in Apple's Mac OS X and iOS
operating systems.

It is important to take psychological factors into account when
screening for cognitive deficits. Therefore, the Multiple Screener tool
consists of two segments: a) online questionnaires that measure well-
being (Hospital Anxiety and Depression Scale for anxiety and depres-
sion; MS Neuropsychological Screening Questionnaire for subjective
complaints; MS Impact Scale for fatigue) and b) three neuropsycholo-
gical tests that measure cognition. As the online questionnaires are
well-known, standardized, and validated, the focus of the current re-
search is on the neuropsychological tests.

The digital tool included the Dutch-versions of three neuropsycho-
logical tests that measure the cognitive domains that are most com-
monly affected in MS (Chiaravalloti and DeLuca, 2008) (inspired by the
BICAMS test battery): information processing speed (Symbol Digit
Modalities Test (SDMT)) (Parmenter et al., 2007; Smith, 1991), verbal
learning and memory (Dutch version of the California Verbal Learning
Test – second edition (CVLT-II)) (Woods et al., 2006), and spatial
memory (Spatial Recall Test (SPART)) (Rao, 1990). The SPART was
included instead of the Brief Visuospatial Memory Test-Revised (BVMT-
R) (Benedict, 1997), which is originally part of BICAMS, since a digital
version of the BVMT-R was too difficult to score automatically.

The digital versions of the three tests were as similar as possible to
the original, paper and pencil-based versions and permission from the
manufacturers was obtained to digitalize the cognitive tests.
Nevertheless, adjusting the paper and pencil-based versions of the three
tests to digital alternatives resulted in some (minor) changes: writing
became typing, and verbal explained test instructions were replaced by
a textual (digital) explanation preceding each test. For a more detailed
description of the digital tests and the visualization of the Multiple
Screener tool, see supplementary material 1 and Fig. 1.

This study consisted of three parts:

■ Part 1: Clarity and Feasibility. Ten patients with MS with varying
disease duration, disease type, and level of cognitive functioning
evaluated the Multiple Screener tool by filling out a questionnaire
regarding the understandability, readability, speed, use of touchsc-
reen, and audio parts of each test. Based on the feedback of these ten
patients, adjustments were made to the Multiple Screener tool. The
final version was re-evaluated (same questionnaire) by 6 tool-naïve

patients with MS confirming the clarity and feasibility of the tool.
■ Part 2: Comparison between paper and digital assessment. To ensure

similarity between the original neuropsychological tests (paper and
pencil-based) and the digital version, the tests included in the
Multiple Screener tool (version A) were compared to the paper and
pencil-based assessment (version B) in 60 healthy controls (HCs).

■ Part 3: Normative data. For implementation in the clinical setting,
norms were obtained for each test based on data from 236 HCs.

2.2. Study population

This study was approved by the local medical ethical board, the
Declaration of Helsinki was followed, and all participants gave written
informed consent prior to participation. Educational level (Dutch
equivalent) was divided into two categories: low-medium (vocational
training or lower, first three years of higher general secondary educa-
tion, and pre-university education) and high (bachelor's degree, mas-
ter's degree, PhD, or advanced professional degree). All participants
were native Dutch speakers.

For part 1, 10 patients with MS (mean age 51.7 years (SD 7.7, range
38–64); men: N=1; educational level high: N=4; Relapsing
Remitting MS (RRMS): N=7; Secondary Progressive MS (SPMS):
N=2; Unknown MS-type: N=1) evaluated the clarity and feasibility
of the first version of the tool. Six additional patients with RRMS (mean
age 49.5 years (SD 12.4, range 37–68); men: N=1; educational level
high: N=5) re-evaluated the final version of the tool. The patients
were recruited through advertisements and previous participation in
research. Inclusion criteria were 18 years and older, a confirmed MS
diagnosis of at least three months (by a neurologist, McDonald criteria
(Polman et al., 2011), and sufficient visual and motor capabilities to
work on an iPad. Patients with neurological or psychiatric diseases or
with a history or current substance abuse were excluded.

For part 2, 60 HCs (mean age 44.5 years (SD 14.0, range 18–67);
men: N=20; educational level high: N=38) were assessed with the
digital and the paper and pencil-based version of the tests. The order of
the digital and paper and pencil-based versions was counterbalanced.
Data of the participants that started with the digital version were in-
cluded to obtain norm scores (part 3), while data from the 30 HCs that
started with the paper and pencil-based assessment before performing
the digital tests were not included in determining norms because of a
possible practice effect.

For part 3, 236 HCs (mean age 42.8 years (SD 12.8, range 18–69);
men: N=93; educational level high: N=149) were included to obtain
norms. All HCs (part 2 and part 3) were recruited through advertising in
the local newspapers (printed and online), online advertising on
Facebook, and the researchers’ network of family and friends. Inclusion
criteria were an age of 18 years and older and sufficient visual and
motor capabilities to work on an iPad. People with neurological or
psychiatric diseases or with a history or current substance abuse were
excluded.

2.3. Statistical analysis

SPSS version 22.0 (SPSS/IBM 2013) was used for statistical ana-
lyses. Data were checked for normality using the Shapiro–Wilk test and
by visual inspection of histograms. If non-normally distributed, the data
were transformed to obtain normality. A p-value of< 0.05 was con-
sidered statistically significant. Part 1 consisted of qualitative evalua-
tion of the clarity and feasibility of the Multiple Screener tool including
no statistics. For part 2, first, intraclass correlation coefficients (ICC,
two-way mixed effects model, relative agreement, single rater) were
calculated to describe how well the digital and paper and pencil-based
forms of assessment resembled each other with regard to the construct
tested. ICC scores less than 0.40 indicated poor reliability, scores be-
tween 0.40 and 0.59 indicated fair reliability, scores between 0.60 and
0.74 indicated good reliability, and scores between 0.75 and 1.00
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indicated excellent reliability (Cicchetti, 1994). Second, Bland-Altman
plots were made to depict the agreement between digital and paper and
pencil-based versions of the different tests. For part 3, a multiple linear
regression was used to establish the effect of age, sex, and educational
level on the test scores. A regression-based correction for the effect of
age was applied on the raw scores before converting them to norm Z-
scores (Oosterhuis et al., 2016; Parmenter et al., 2010). If sex or edu-
cational level significantly predicted test performance, participants
were additionally grouped based on sex and/or educational level. For
each test, group means and standard deviations were calculated, re-
sulting in the norm scores. If subgroups were created, norms were
calculated per subgroup (men/women; high/low-education).

3. Results

3.1. Part 1: Clarity and feasibility

Based on the evaluations of the first 10 patients with MS, minor
technical errors were identified (i.e. too small font, minor spelling er-
rors). Textual explanations of all three tests needed clarification for
patients to perform the tests independently. For instance, based on the
text, it was unclear to most patients where to start the SDMT after the
example items had been shown. This was solved by adding a flashing
square around the first item. Also, it was unclear that the patients
needed to click ‘next’ after entering a word during the CVLT-II, and how
to move the checkers during the SPART. These issues were solved by
using a larger font, and including this information in the textual ex-
planation of the tests. Following these adjustments, the clarity and
feasibility (understandability, readability, speed, use of touchscreen,
and audio parts) of the tests were re-evaluated by 6 tool-naïve patients
with MS, who confirmed that the digital tool was self-explanatory. All
236 HCs were able to complete the digital version of the tests without
the help of a test leader.

3.2. Part 2: Comparison between paper and digital assessment

Results of the ICCs comparing performance on the digital version
and paper and pencil-based version of the three tests (N=60 HCs) are
presented in Table 1, and in the Bland Altman plots (Fig. 2). Good
(SPART) to excellent (SDMT and CVLT-II) consistency was found be-
tween the paper and pencil-based and digital versions of the tests.

3.3. Part 3: Normative data

Norm scores are presented in Table 2.

3.3.1. SDMT
From the 236 HCs that were recruited, one person was excluded

because of an unreliable test score (11 correct items versus 25 incorrect
items). Data from one person was missing due to technical problems,
resulting in a total of 234 HCs (mean age 42.7 years (SD 12.8, range
18–69)) that were included in the reference group of the SDMT. The
results of the regression analysis indicated that age, sex, and education
level explained 43.5% of the variance in SDMT score. Age significantly
predicted the SDMT score (regression coefficient (β) = =−0.40,
p < 0.001), as did educational level (β=3.09, p=0.002), but not sex
(β=0.70, p=0.451).

3.3.2. CVLT-II
From the 236 HCs that were recruited, 225 HCs (mean age 42.6

years (SD 12.7, range 18–69)) were included to obtain norms for the
Dutch equivalent of the CVLT-II. The score of one person was extremely
low (31 out of 80) according to the educational level (master's degree)
and was therefore considered a probable erroneous score and excluded
from data-analysis. Four participants were excluded because of a highly
unlikely drop in performance between two consecutive trials (one
person dropped 5 points, one 6, one 11, and one 14). In N=6, no
results were recorded due to technical problems. Because CVLT-II
scores were non-normally distributed (negatively skewed), each in-
dividual's score was subtracted from the highest score plus one (79),
and a square root transformation was done, resulting in a normal dis-
tribution of scores. The multiple linear regression analysis indicated
that age, sex, and education explained 26.7% of the variance in CVLT-II
score. Age significantly predicted CVLT-II score (β=0.02, p < 0.001),
as did educational level and sex (both β=−0.59, p < 0.001).

3.3.3. SPART
For the SPART, 236 HCs (mean age 42.7 years (SD 12.8, range

Fig. 1. Visualization of the Multiple Screening tool. The Dutch version of the California Verbal Learning Test–second edition (CVLT-II) is not depicted as this test has
an auditory format. A. After login, the Multiple Screening tool starts with a general introduction (in Dutch) explaining that the app consists of three tests (information
processing speed, verbal memory, and visual memory) of 15 min in total and that some tests have a time limit. The bar in the upper part of the displayed at the top of
the screen. B. The Digit Modalities Test (SDMT). A reference key with combinations of geometric figures and digits (one to nine) is displayed at the top of the screen.
The participant has 90 s to type in the correct digits underneath the geometric figures. The lies with symbols move up according to the speed of the participant. C. The
Spatial Recall Test (SPART). The 36-square grid with 10 black checkers is displayed three times for ten seconds. After each time, an empty grid is displayed with ten
black checkers next to it. Participants have to swipe the black checkers to the correct places in the empty grid to match what they observed.

Table 1
ICCs with 95% confidence intervals (CI).

Test ICC CI

SDMTa 0.79 0.67–0.87
CVLT-II 0.77 0.64–0.85
SPART 0.61 0.42–0.75

Two-way mixed effects model, relative agreement, single rater.
a Written version for paper and pencil-based version.
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18–69)) were included. Scores of one person were missing due to
technical problems, resulting in a total of 235 HCs. The results of the
regression analysis indicated that age, sex, and educational level ex-
plained 20.6% of the variance in visuospatial memory performance.
Age was significantly related to SPART score (β=−0.18, p < 0.001),
while educational level (β=−0.19, p=0.773) and sex (β=0.54,
p=0.427) were not.

3.4. From norm scores to interpretation

The norm scores displayed in Table 2 could be used to interpret the
current cognitive status of a patient. Based on scatter plots (supple-
mentary Fig. 1), we assumed that the relation between age and test
score is linear in each test. Therefore, for each test, a regression-based
correction for the effect of age was applied before converting the raw
scores into norm Z-scores:

■ SDMT raw score participant+ (age participant * 0.40);
■ CLVT square root (79 – raw score participant)+ (age participant *

−0.02);
■ SPART raw score participant+ (age participant * 0.18).

These formulas will be implemented in the backend of the tool, such
that the neurologist can compare the age-corrected score of a patient
directly to the age-corrected norm scores in Table 2. In order to inter-
pret the performance on the SDMT and the CVLT-II, the neurologist
should use the norm scores for the subgroups (i.e. educational level and

sex) displayed in Table 2 (see supplementary material for an example
on how to use the norm scores).

4. Discussion

The aim of the current study was three-fold: (1) to confirm the
clarity and feasibility of the digital versions of three neuropsychological
tests, resulting in the Multiple Screener tool, (2) to assess how well the
digital versions of the neuropsychological tests resembled the original
paper and pencil-based assessments, and (3) to obtain norms for each
test enabling interpretation in a clinical setting.

This study demonstrated that patients with MS positively evaluated
the clarity and feasibility of the digital, unsupervised, cognitive test
battery including tests of verbal and visuospatial memory and in-
formation processing speed. In healthy controls, the three tests included
in the Multiple Screener tool correlated highly with their corresponding
paper and pencil-based versions, indicating that the tests measure the
same cognitive abilities. The largest ICC was found for the SDMT (0.79),
which is identical to the findings of a previous study that compared the
paper and pencil-based SDMT to a digital SDMT assessment (Pearson's
r=0.78) (Rao et al., 2017). For the CVLT-II and the SPART, no studies
on digital assessment are currently available, but the ICC showed ex-
cellent similarity with the paper and pencil-based versions of the CVLT-
II especially taking into account that we used parallel versions. We do
realize that for the SPART, the ICC was adequate. This is most likely a
reflection of the task itself that can rely on a variety of strategies used
by the participants resulting in heterogeneity between paper-and-pencil

Fig. 2. Bland Altman plots.

Table 2
Norm scores per test.

Test Subgroups N Mean SD ‘normal’ ‘possibly mildly impaired’ ‘probably impaired’

SDMT Uncorrected Total groupc 234 40.14 8.94
Correctedb Total groupc 234 57.39 6.91

Education low-mediumd 87 55.36 6.53 > 48.-
83

42.30–48.83 <42.30

Education highd 147 58.59 6.84 > 51.-
75

44.85–51.75 <44.85

CVLT-IIa Uncorrected Total groupc 225 4.51 1.14
Correctedb Total groupc 225 3.62 1.07

Education low-medium Mend 44 4.47 0.95 < 5.42 6.37–5.42 >6.37
Womend 39 3.62 0.93 < 4.55 5.48–4.55 >5.48

Education high Mend 44 3.64 1.22 < 4.86 6.08–4.86 >6.08
Womend 98 3.22 0.87 < 4.09 4.96–4.09 >4.96

SPART Uncorrected Total groupc 235 20.86 5.25
Correctedb Total groupc 235 28.55 4.68 > 23.-

87
19.19–23.87 <19.19

a CVLT-II scores are square root transformed.
b Regression-based correction for the effect of age. SDMT: raw score participant+ (age participant * 0.404); CLVT: square root (79 – raw score participant)+ (age

participant * −0.021); SPART: raw score participant+ (age participant * 0.180).
c Displays mean and standard deviation from the whole group.
d Displays mean and standard deviation from all participants falling in this range.
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and digital performance.
To ensure proper implementation of the Multiple Screener tool in a

neurology department as screening tool, norms are essential to interpret
the patients’ test scores (e.g. indicate normal functioning or the pre-
sence of mild, moderate or severe impairment). Demographic variables
such as age, sex, and education are known confounders of cognitive
performance (van der Elst et al., 2006) and, as a result, scores need to
be adjusted accordingly. Based on a representative sample of subjects in
the Netherlands (N=236), we were able to demonstrate that raw test
scores needed correction for age in all three tests (SDMT, CVLT-II,
SPART), as expected by the well-known and widely studied effect of
healthy aging on cognition (Salthouse, 2010). In line with previous
literature, performance with the SDMT was influenced additionally by
the level of education, such that highly educated people processed in-
formation faster than less educated people (van der Elst et al., 2006). In
line with previous literature, for the CVLT-II, next to age and educa-
tional level, sex was also a significant predictor of performance
(Van der Elst et al., 2005). This is explained by an often shown female
verbal advantage for learning and memory (Andreano and
Cahill, 2009). No sex differences on SPART performance were observed,
which is consistent with previous literature on visuospatial memory
(Postma et al., 2004).

Although our sample size is sufficient to calculate norm scores
(Boringa et al., 2001; Vanotti et al., 2016), ideally it would be best to
have enough participants to create separate norm scores for subgroups,
based on age, sex, and educational level. As our sample size was not
large enough to create these subgroups, a combined approach was
chosen in the current study: a regression-based correction for age was
applied, and additionally, if sex and/or education significantly pre-
dicted test performance, subgroups based on sex and/or educational
level were created. Regression based norms were shown to be valid for
both the MACFIMS (Parmenter et al., 2010) and the SDMT
(Burggraaff et al., 2017). Using regression-based correction for age al-
lowed us to keep our sample size as large as possible, with N=39 in the
smallest subgroup (CVLT-II; women with a low educational level).

A few improvements to the Multiple Screener tool are currently
being implemented. Firstly, in this first version of tool, the explanation
of how to perform the tests was provided in text. One could argue that
an audio explanation would resemble the original neuropsychological
tests (paper and pencil-based version) better. This adjustment should be
implemented in the next version of the tool. Secondly, data from several
HCs (SDMT: N=1; CVLT-II: N=4) were excluded because of highly
unlikely scores. In the backend of the next version of the tool, it will be
implemented that highly unlikely scores will give a NA score (missing
value), to prevent false positives (classification of impaired instead of
preserved cognition). Lastly, next to the demographical confounders of
cognition, especially with regard to patients with MS, depressive mood
and fatigue should be taken into consideration, as these are often pre-
sent in patients with MS (Boeschoten et al., 2017). For that reason, the
Multiple Screener tool will be combined with on-line questionnaires on
anxiety, depression, and fatigue.

The ultimate goal of the tool is to be able to detect subtle cognitive
deficits early in the disease and allow for the monitoring of (subtle)
cognitive changes over time. We hope that the self-explanatory Multiple
Screener tool will lower the threshold for the performance of cognitive
assessment at baseline and for (annual) follow-up assessment, as was
recently recommended by the international MS and cognition society
(IMSCOGS) and the consortium of MS centers (CMSC) (Kalb et al.,
2018). The unsupervised assessment of cognitive performance is time-
efficient and comes with an advantage that scores will be automatically
calculated and sent to the treating neurologist immediately. If in the
future novel tests will be introduced that are more sensitive to MS-re-
lated cognitive deficits and/or decline, these will be ideally im-
plemented in the tool. However, for now, the next step would be cal-
culate the ICCs for the three tests in patients with MS and to validate the
Multiple Screener tool towards the ‘gold-standard’ (MACFIMS).

Sensitivity, specificity and the positive and negative predictive value
need to be determined, as well as test-retest reliability in patients with
MS with and without cognitive impairment, to finally obtain the op-
timal cut-off values for impairment.

5. Conclusions

In conclusion, digital cognitive testing in patients with MS is pos-
sible. The norm scores obtained for each test allow for further valida-
tion of the Multiple Screener tool in patients with MS. Ultimately, the
use of this digital tool will provide clinicians with an indication of the
cognitive performance of patients with MS, without the need of a test
leader. Follow-up measurement will be easier to implement and could
lead to timely identification of cognitive decline in patients with MS
and subsequently allow for adequate counseling.
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