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Gonçalves, S., 151, 153, 162
Goodman, N., 7, 24, 55, 59, 87, 162, 176

171



172 AUTHOR INDEX

Gray, F., 90, 162
Groenen, P. J. F., 115, 121, 162
Guénoche, A., 142, 159
Gulliksson, M., 153, 162
Guyon, I., 93, 99, 163

Halle, M., 6, 163
Hanson, R. J., 149, 164
Hasegawa, M., 53, 66, 164, 166
Hastie, T., 17, 67, 94, 96, 161, 163, 169
Hays, W., 129, 163
Heiser, W. J., 5, 7, 8, 10, 11, 14, 22, 24, 25, 27,

49, 52, 54–57, 59, 61, 83–85, 87–89,
104, 115, 116, 130–132, 147, 148,
155, 161–163, 165, 169, 176, 177

Hesson-Mcinnis, M., 116, 163
Hovland, H. I., 116, 167
Hubert, L. J., 116, 140, 163
Huelsenbeck, J. P., 66, 163
Hutchinson, J., 70, 168

Imaizumi, T., 116, 166

Jain, A., 121, 163
Jakobson, R., 6, 163
Janson, A.-J., 42, 164
Jenkins, H. M., 116, 167
Johnstone, I., 17, 161
Joly, S., 119, 163

Kamada, T., 120, 163
Kawai, S., 120, 163
Keren, G., 5, 84, 164
Kiers, H. A. L., 133, 168
Kilpatric, D. W., 131, 167
Kim, M. P., 54, 166
Kishino, H., 53, 66, 164, 166
Klatzky, R., 145, 164
Klauer, K. C., 10, 15, 22, 25, 120, 164
Krackhardt, D., 15, 22, 164
Krantz, D., 119, 167
Kreißl, S., 115, 159
Kruschke, J., 115, 116, 164
Kuennapas, T., 42, 164
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