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Propositions 

1. Insertional mutagenesis is an efficient approach for identifying candidate cancer genes and 
therapy resistance mechanisms using targeted sequencing, but it should be combined with 

complementary sequencing approaches for comprehensive mutation analyses (chapters 3 and 

4 of this thesis). 

2. RNA-sequencing-based approaches for detecting transposon insertions improve on DNA-

based methods by focusing on insertions that are actually expressed, and by allowing 

identification of additional mutation types (e.g., expression changes, gene fusions, single 

nucleotide variants) from a single dataset (chapter 4 of this thesis). 

3. If the presence of even a single driver gene can strongly influence tumor evolution, it is crucial 
to study tumor development, progression and therapy response in mice with the appropriate 

genetic backgrounds to have any real relevance for human patients (chapter 5 of this thesis). 

4. Somatic engineering approaches greatly enhance our capability to generate complex mouse 

models containing combinations of different driver mutations, whilst retaining the same 

characteristics as models generated through germline engineering. (chapter 5 of this thesis) 

5. To improve the relevance of computational analyses, computational biologists should be well 

versed in the biological background and should critically evaluate their results from a biological 

perspective1–3. 

6. To ensure reproducibility of published results, computational biologists should be required to 

provide supplementary documents and scripts that unambiguously define the data, workflow, 

execution environment and results of the computational analyses, in order to generate a 

verifiable re-executable publication4,5.  

7. To improve the accessibility and reproducibility of sequencing analyses, community efforts 

should focus on creating ‘gold-standard’ sequencing pipelines that can easily be applied to new 

or existing datasets6–8. 

8. One of the biggest challenges in the current field of computational biology, is collecting 

(sequencing) data in centralized repositories or portals in a manner that they can easily be 

queried, combined, filtered and visualized by fellow researchers9,10. 

9. All models are wrong, but some are useful. (George Box) 

10. If you want to go quickly, go alone. If you want to go far, go together. (African proverb)  
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