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tem for public tax payment. In 2018 International Conference on eDemocracy &
eGovernment (ICEDEG), pages 235–240. IEEE, 2018.

[77] D. Micci-Barreca. A preprocessing scheme for high-cardinality categorical at-
tributes in classification and prediction problems. ACM SIGKDD Explorations
Newsletter, 3(1):27–32, 2001.

[78] K. P. Murphy. Machine Learning A Probabilistic Perspective. The MIT Press, 1
edition, 2012.

[79] Netherlands Tax and Customs Administration. download.belastingdienst.

nl/belastingdienst/docs/dutch_tax_customs_admin.pdf, May 2019.

[80] A. Ng. Lecture notes on sparse autoencoders. https://web.stanford.edu/

class/cs294a/sparseAutoencoder-2011.pdf, 2011.

[81] Online etymology dictionary, statistics. https://www.etymonline.com/word/
statistics.

[82] A. Ostovar, S. J. Leemans, and M. La Rosa. Robust drift characterization from
event streams of business processes. Internal Report, 2018.

[83] S. Pauwels and T. Calders. Detecting and explaining drifts in yearly grant
applications. arXiv preprint arXiv:1809.05650, 2018.

[84] N. Petit. Artificial intelligence and automated law enforcement: A review pa-
per. Available at SSRN 3145133, 2018.

[85] M. Pijnenburg. Simulation of rubber networks. Technical report, Stan Acker-
mans instituut, 2005. ISBN: 9044404784.

[86] M. Pijnenburg. Code used in experiments. https://github.com/

PijnenburgMark/anomaly_detection_benchmark, 2019. Accessed: 2019-06-
01.

download.belastingdienst.nl/belastingdienst/docs/dutch_tax_customs_admin.pdf
download.belastingdienst.nl/belastingdienst/docs/dutch_tax_customs_admin.pdf
https://web.stanford.edu/class/cs294a/sparseAutoencoder-2011.pdf
https://web.stanford.edu/class/cs294a/sparseAutoencoder-2011.pdf
https://www.etymonline.com/word/statistics
https://www.etymonline.com/word/statistics
https://github.com/PijnenburgMark/anomaly_detection_benchmark
https://github.com/PijnenburgMark/anomaly_detection_benchmark


138 Bibliography

[87] M. Pijnenburg, N. Kalosha, and M. C. van Zuijlen. Hoeffding-Bentkus bound
in statistical auditing. Technical report, Radboud University Nijmegen, 2006.

[88] M. Pijnenburg and W. Kowalczyk. Applying analytics for improved taxpayer
supervision. In Proceedings of 16th European Conference on e-Government ECEG
2016, pages 145–153. Academic Conferences and publishing limited, 2016.

[89] M. Pijnenburg and W. Kowalczyk. Extending logistic regression models with
factorization machines. In International Symposium on Methodologies for Intel-
ligent Systems, pages 323–332. Springer, 2017.

[90] M. Pijnenburg and W. Kowalczyk. Singular outliers: Finding common observa-
tions with an uncommon feature. In International Conference on Information
Processing and Management of Uncertainty in Knowledge-Based Systems, pages
492–503. Springer, 2018.

[91] M. Pijnenburg and W. Kowalczyk. Are similar cases treated similarly? a com-
parison between process workers. In International Conference on Business In-
formation Systems, pages 1–15. Springer, 2019.

[92] M. Pijnenburg and W. Kowalczyk. Extending an anomaly detection benchmark
with auto-encoders, isolation forests, and rbms. In International Conference on
Information and Software Technologies. Springer, 2019. Best Paper Award.

[93] M. Pijnenburg, W. Kowalczyk, E. van der Hel-van Dijk, et al. A roadmap for
analytics in taxpayer supervision. Electronic Journal of e-Government, 15:19–
32, 2017.

[94] M. Pijnenburg and K. Kuijpers. Explaining risk models to the business. Tax
Tribune, 35:57–62, 2016.

[95] M. Post. Tax data and reinforcement learning. Master’s thesis, Leiden Univer-
sity, 2 2019. Under supervision of Mark Pijnenburg, Wojtek Kowalczyk, and
Kaifeng Yang.

[96] S. Ramaswamy, R. Rastogi, and K. Shim. Efficient algorithms for mining out-
liers from large data sets. In ACM Sigmod Record, volume 29, pages 427–438.
ACM, 2000.

[97] S. Rendle. Factorization machines. In 2010 IEEE International Conference on
Data Mining, pages 995–1000. IEEE, 2010.

[98] S. Rendle. Factorization machines with libFM. ACM Trans. Intell. Syst. Technol.,
3(3):57:1–57:22, May 2012.



Bibliography 139

[99] M. Richardson and A. J. Sawyer. A taxonomy of the tax compliance literature:
further findings, problems and prospects. Austl. Tax F., 16:137–320, 2001.

[100] X. Rong. R package deepnet. https://CRAN.R-project.org/package=

deepnet, March 2014.

[101] X. Rong. word2vec parameter learning explained. arXiv preprint
arXiv:1411.2738, 2014.

[102] M. Sabokrou, M. Fayyaz, M. Fathy, Z. Moayed, and R. Klette. Deep-anomaly:
Fully convolutional neural network for fast anomaly detection in crowded
scenes. Computer Vision and Image Understanding, 172:88–97, 2018.
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